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Abstract

The objective of this research is to evaluate the performance and the efficiency of
three common foreign exchange strategies: Carry Trade, the Momentum, the reversal
and the Value strategy. The analyses take into account the transaction cost and the
quotes of 52 currencies since 1983. The approach is similar to the Barroso and Santa
Clara (2012), however as added value it includes a restriction on the leverage and
returns of the portfolio allowing the inheritance of the position in a currency for
the previous period. Although the use of the genetic algorithm is computationally
more expensive than other numerical methods, it produces consistent results. The
results suggest that foreign exchange strategies contain information relevant to the
optimization of portfolios, in particular the Carry Trade and the Momentum. However,
the performance of the portfolio in high volatility periods could be improved using
other characteristics that incorporate the volatility such as the Sharp or the Sortino
ratios.
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Desempeno de un Conjunto de Estrategias Cambiarias

Resumen

El objetivo de esta investigacion es evaluar el desempefio y la eficiencia de cuatro
estrategias comunes de intercambio de divisas: Carry Trade, Momentum, Reversal y
Value. Para los analisis se tiene en cuenta el costo de transaccién y las cotizaciones
de 52 monedas desde 1983. El enfoque es similar a Barroso y Santa Clara (2012), sin
embargo como valor agregado se incluye una restricciéon en el apalancamiento y los
retornos de la cartera permitiendo la herencia de la posicién en una moneda de un
periodo al siguiente. Para el calculo de los retornos se propone el uso de un algoritmo
genético que aunque es computacionalmente méas caro que otros métodos numéricos
produjo resultados consistentes. Los resultados sugieren que las estrategias cambiarias
contienen informacién relevante para la optimizacion de portafolios en particular el
Carry Trade y el Momentum aunque el modelo podria mejorarse si se consideran otras
caracteristicas como pueden ser la razén de Sharp o Sortino que incorporan el nivel
de volatilidad para mejorar el desempeno del portafolio en episodios de volatilidad
elevada.
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1. Introduction

This paper studies the performance of four foreign exchange market’s common
strategies that were also documented in (James, 2012). These are Carry Trade,
Momentum, Reversal and Value. Among the strategies, the Carry Trade stands
out; as it presents the greatest excess of returns (Castillo, 2015). Carry Trade
continues to be a popular strategy, (Burnside, 2011a) proves that even if the risk
of catastrophic losses is hedged using options, this kind of strategies continue to
generate excess of returns. This strategy is based on the sign of the interest rate
differential between a foreign currency and the US dollar. Another approach
to implement the carry strategy was presented by (Lustig, 2007) and used by
(Lustig, 2011) and (Menkhoff, 2011); it is based on sorting the currencies and
dividing them in portfolios according to the magnitude and sign of the currency
interest rate differential (Patton, 2008).

For the momentum strategy the idea is to follow the short term trend ob-
served in the currency. The most common is using the previous returns or their
average. (Barroso, 2012) suggest that there is evidence that the three months
average contains information about the future behavior of the currency. (Menk-
hoff, 2012) shows that the predictive power of the previous return decreases
when we consider returns which are further back in time or when the position is
maintained for a long time. The three months period also was used by (Kroenc-
ke, 2011) while (Burnside, 2008) and (Rafferty, 2012) suggest to consider only
the previous month or a twelve months lag, for which found that they contain
relevant information. This approach was also applied in (Asness, 2013) without
considering the most recent lag to discard the possibility of liquidity problems.
Other approaches used for the momentum are based on the technical analysis. In
fact, in a survey presented by (Sarno, 2002), they show that a significant num-
ber of traders follow the indicators of the Technical Analysis to take decisions
about their positions in currencies.

In the case of the Reserval and Value strategies, both are based on the mean
reversion property, the idea is to try to take advantage of the misalignment of
the currency for its long term mean expecting a correction. These strategies were
implemented in papers such as (Asness, 2013) and (Barroso, 2012) the approach
changes from one reference to another. In particular (Barroso, 2012) did not
obtain significant results with the Value strategies based on the real exchange
rate. In our approach we reintroduce the idea of using the real exchange rate for
the Value strategy to predict the returns and the deviation of the real exchange
rate with respect to its long term mean. To calculate the long term tendency we
use (Hodrick,1997) filter which has been used in the real equilibrium exchange
rate for stochastic equilibrium models. For the reversal we use the nominal
exchange rates and take as a reference the previous five years’ spot rate and
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using the uncovered interest parity calculate the expected value of the exchange
rate taking into account the interest rate differential for the day that we want
to compare to current exchange rate to determine if there is a misalignment.

The characteristics of each currency are the signals of the strategies pre-
viously constructed and it is assumed that they contain all the available infor-
mation of the currency. This approach is only based on the estimation of five
parameters that are assumed to be constant through time and each one is rela-
ted with one characteristic and does not depend on the number of assets in the
portfolio. The parsimony of the model makes it tractable to estimate the weights
in which great number of assets will be invested. In the second part of the sec-
tion we implement the model using the constant relative risk aversion (CRRA)
utility function and a linear portfolio policy. The optimization takes into consi-
deration the relation between the characteristic and the expected returns, and
by the selection of the CRRA the optimization penalizes high volatility, negati-
ve skewness, and the excess of kurtosis. The estimated parameters only deviate
from zero if they offer relevant information about the future behavior of the cu-
rrency and if the combination of the parameters offers an attractive investment
opportunity.

The document is divided in 7 sections, in second-one it is exposed the basics
of a currency portfolio including the transaction cost, the computations of the
returns and the inheritance of the positions. In the third, fourth and fifth sec-
tions each strategy is described and analyzed. In the sixth section, we perform
the parametric portfolio optimization based on the currencies’ characteristics.
Finally in the seventh we present conclusions.

2. The Foreign Exchange Market, Forwards and Currency portfolio
The foreign exchange market consists of all the currencies that are traded in
the world, which are approximately 150. There are certain characteristics that
make this market special in contrast with others, such as its decentralization,
the liquidity due to the volume of trades in this market and the fact that in
this market some currencies trade for 24 hours, in particular for those that are
in Continuous Linked Settlement (CLS). In line with the development of the
foreign exchange market the bid-ask spread has been decreasing particularly in
the spot market. This has been reducing the transaction cost, which we can
measure for the spot and forward prices as follows:

C,St:M C‘Ft:M (1)
0 Sesk,eTSiae 10T ookt Frian

In the figure 1 we exhibit the average of the transaction cost for the spot and
forward quotes for the 52 active currencies at each month. One of the reasons
for this trend is that the foreign exchange market works with electronic media
interconnected by a complex telecommunications network, including electronic
trading and brokerage systems such as Reuters or EBS. These systems were
complemented by the introduction of the banks’ own electronic platforms in the
early 2000’s. The market share of these participants is estimated around 25 %
to 30 % according to the BIS Market Committee (2011).
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Figure 1
Selected Currencies Average Transction Cost
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Throughout the development of the foreign exchange market, the partici-
pants have implemented different strategies, trying to obtain greater returns
anticipating the currencies’ appreciations or depreciations. Among the most
common is the Carry Trade, which consists of two parts, a short position in the
currencies with the lowest interest rates and a long position in the currencies
with the highest interest rates. Another strategy that is frequently implemented
by investors is the Momentum strategy. The idea behind it is to follow the short
term trend of the currency to obtain profits for the appreciation taking a long
position or for the depreciation taking a short position in foreign currency. Ot-
her popular strategy is the Value, which use the long term information in order
to determine if one currency is undervalued or overvalued with respect to its
historical values and we propose an approach that essentially consists in buying
the undervalued currencies and selling the overvalued. We use the real exchange
rate which helps us determine if a currency is under or overvalued with respect
to the Purchasing Power Parity (PPP).

2.1 Data for Developed and Emerging Currencies

For the purpose of this paper, the market data from the spot and forward ex-
change rates was obtained using the BBI (Barclays Bank) and WM /Reuters via
Datastream and from the Banco de Mexico website. The Libor rate was obtai-
ned via Reuters Eikon and the Deutsche Bank Currency indexes was obtained
from the Deutsche Bank’s web site dbIQ.

Each foreign exchange rate is expressed in number of currency units per
dollar. For each one of the following 52 currencies the observed closing price in
the last working day at each month was taken as a reference. These currencies
are: Australian Dollar (AUD), Austrian Schilling (ATS), Belgian Franc (BEF),
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Brazilian Real (BRL), British Pound (GBP), Bulgarian Lev (BGN), Canadian
Dollar (CAD), Chilean Peso (CLP), Colombian Peso (COP), Croatian Kuna
(HRK), Cypriot Pound (CYP), Czech Koruna (CZK), Danish Krone (DKK),
Deutsche Mark (DEM), Dutch Guilder (NLG), Egyptian Pound (EGP), Euro
(EUR), Finnish Markka (FIM), French Franc (FRF), Greek Drachma (GRD),
Hong Kong Dollar (HKD), Hungarian Forint (HUF), Iceland Krona (ISK), In-
dian Rupee (INR), Indonesian Rupiah (IDR), Irish Pound (TEP), Israel Shekel
(ILS), Italian Lira (ITL), Japanese Yen (JPY), Kuwaiti Dinar (KWD), Ma-
laysian Ringgit (MYR), Mexican Peso (MXN), New Zealand Dollar (NZD),
Norwegian Krone (NOK), Peruvian Sol (PEN), Philippine Peso (PHP), Polish
Zloty (PLN), Portuguese Escudo (PTE), Russian Ruble (RUB), Saudi Riyal
(SAR), Singapore Dollar (SGD), Slovak Koruna (SKK), Slovenian Tolar (SIT),
South African Rand (ZAR), South Korean Won (KRW), Spanish Peseta (ESP),
Swedish Krona (SEK), Swiss Franc (CHF), Taiwan Dollar (TWD), Thai Baht
(THB), Turkish Lira (TRY), and Ukrainian Hryvnia (UAH). For each one of
the following 52 currencies we take the observed closing price in the last wor-
king day at each month as a reference. The set of currencies is the same that
was used by Menkhoff (2011) plus the Turkish Lira, the Colombian Peso and
the Peruvian Sol, other considerations for the currency selection is their volume
reported in the triennial Central Bank Surveys of foreign exchange and OTC
derivatives markets and if the currency has a forwards market and its data was
available to perform the analysis.

The real exchange rate index data was obtained from the BIS effective ex-
change rate indices using the broad and narrow indices for the currencies afore-
mentioned with the exception of the Ukrainian Hryvnia, Egyptian Pound, and
Kuwaiti Dinar whose data are not available. The indices are constructed using
the geometric weighted average of the bilateral exchange rates adjusted by the
corresponding relative consumer prices. The data for each month is published
by the middle of the following month and the weighting pattern is time-varying,
the current weights are based on trade in 2008-2010.

2.2 Currency Portfolio Description and Forward Contracts

We assume the position of a US dollar portfolio manager who wants to invest
in the foreign exchange forward market and have a monthly rebalancing policy.
The manager can take long and short positions in one or several currencies. To
do that, the currencies are chosen every month according to the signals gene-
rated by each strategy and determine the characteristics of each currency. The
value of this instrument changes during the life of the contract and has a value at
maturity of Sy — F r and F; p — St for the long position and the short position,
where S; is the foreign exchange rate (number of currency units to buy a dollar)
and F} r is the forward exchange rate subscripted at time t with maturity on
T. An important property from the economic point of view is that the forward
foreign exchange rate satisfies the covered interest rate parity (CIP):

ln(Ft,T) - ln(st) =Fr—s5= (7" - Tf)(T - t) (2)
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The uncovered interest rate parity (UIP) postulates that the expected foreign
exchange change (%) must be explained by the interest rate differential, assuming
that there are no arbitrage opportunities and there is no relevant risk difference
in currencies with high or low interest rates. Therefore,

ASS = In(EQ(Sy)) —In(Sy) = frr —se = (r—rp)(T—1t)  (3)

These parities together imply the same result that we obtain from the risk
neutral valuation s%. = f; . Typically under the assumptions of rational expec-
tations and in absence of transaction costs, the forward was used to test the
efficiency of the market via the regression:

sp—se=a+B(fer—s)+e (4)

and as result of the estimation, should be close to zero and close to one if
the market satisfies the conditions above, for instance Branson (1969). In this
model we represent the new information between time and including news and
economic data. Actually, there are several studies that contradict the UIP such
as (Fama, 1984) who suggests that the currencies with high interest rates tend
to the appreciation. For this paper the one month forward market is of par-
ticular importance; from experience we know that the most common forward
contract in currencies have maturities of less than one year and in particular
the tom-next, one month, and three months terms are liquid in a great number
of currencies. The 2016 BIS triennial survey of FX activity confirms this, as
38.8% of the total volume in forwards has maturities less than or equal to 7
days, and 58.4% of the market share corresponds to forwards with maturities
between seven days and one year; the remaining correspond to forwards with
maturities bigger than one year.
2.3 Portfolio returns
The goal of this section is to introduce a framework to consider the transaction
costs within the portfolio returns computation, imitating the behavior of an as-
set manager who tries to minimize the transaction costs by reducing the number
and size of the transactions. The following approach differs from the methodo-
logies that assume the full transaction cost such as (Lustig, 2011) considering
opening and closing the whole position each month and from the (Menkhoff,
2011) approach that takes care about the inheritance in the position but does
not consider the cases when only a part of the position remains in the portfolio
or its amount is less than the position required for the next period. Based on
the strategy to take a short or long position in the forward market, the returns
obtained by these instruments in which the investor decides at inception to buy
or sell in a future date a currency against USD are:

Long position return: ri, = In(F} ) = In(Sy) = fip — s (5)
Short position return: 74 = In(S%) — ln(FtiT) =sh—fip (6)

When we include the transaction cost we can rewrite the long and short
positions returns for the i-th currency considering the bid and ask prices as:
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Long position return: ri, = ln(Ftl;) —In(S%") = Z; —sh* ()
Short position return: ri. = In(S2") — ln(Ftl;) = = Z; (8)

Where the superscript ’a’ indicates the ask price and ’b’ the bid price for the
forward and the spot. Although the transaction has been reduced in the last
years, these costs have a significant impact on the returns. In practice the traders
usually try to minimize this cost using the previous position as most as possible
to rebalance the portfolios. When at the end of the month we have a long
position in a currency that we need to renew in the forward market, the trader
can synthetically replicate the forward by saving the transaction cost that comes
from the sale of the long position of the i-th currency in the spot market before
opening a long position in the forward market.

Under the assumption of no arbitrage we assume that the cost to replicate
a long (short) position in the forward investing in the effective i-th currency
(dollar) interest rate and borrowing in the effective dollar (i-th currency) interest
rate is equivalent to paying the differential between the forward bid and forward
ask prices; i.e.:

Long position return: Ftl; = Sti_’Texp[(ri,de —rusppo)(T —t)]  (9)
Short position return: Fg;ﬁ = S} peapl(ripo — rusppe) (T — 1)) (10)

Where 7; 4. is the deposit interest rate for the i-th currency and 7; 3, is the
borrowing rate of the i-th currency. As a consequence, when the investor can
inherit the complete position for the i-th currency the returns are:

Long position return: ri. = Z; —sb (11)

Short position return: ri, = sk — Z;’ (12)

where st is calculated using the market price which is defined in this setting
by mid spot price (S%), and the forward price for this position for the next
period will be calculated using S%.. However, we have to consider the following
structure in the portfolio in order to calculate the appropriate returns. The
manager established a new long or short position in the selected currencies in
the first month (October 1983) and closed all the positions in the last month
(June 2013). In each month between these dates the investor assigned a weight
to each asset and the return at time T of the portfolio was:

rp = Yo wrory (13)
where w(T" — 1)? is the weight of the i-th currency at time 7-1 when the
manager rebalanced or started the portfolio. These can be positive or negative
but they have to fulfil that -7, wT —1)" = 1. The notional N invested at time
T-1 which becomes N exp (r}.) at time T and the eights of the portfolio that
each currency represents before the rebalance (v) are:

; Nwi_exp(r) wh, _ exp(ri)
i T-1 T) _ Wr_a T
Up = Ne:cp(rg,) - ewp(rg,) (14)
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When the manager has to rebalance the portfolio and may use a previous
position (N7vh) in the i-th currency as we mentioned, if it is less than or equal
to the new amount that will be invested on that currency for the following
month (Nrw) the returns are calculated:

Long position return: ri = ( Z; — sb)I(vi

Short position return: 74 = (sb — Z%)H(U%«

When the position on the i-th currency at time T before the rebalancing is
bigger than the amount that the manager decided to invest in this asset for the
following month, the returns are:

Long position return:
i,b i i i i,b i,a i i
fer = sp) + (vp —wp)(fyp — s¢)|Hvp > Wrp) - (17)
Short position return:
i i (ol i,a i i i,b i,a i i
i = [(wp (s — t,T) + (v —wp)(sp’ — t,T)NI(vT >Wg)  (18)

In addition, when the same position in the i-th currency has proceeded at
least T-2 period and the trader decided to replicate the forward, we can replace
the forward market prices with the following synthetic forwards, which only take
into account the differential between the active and passive interest rates for the
different currencies:

rp = [(wi(

F’i’a Fi,b

L, a% i L', ibx i L)
for =n(Sr5iw) s fir = In(Srzp) - (19)

However this setting implies a non-continuous and non-linear problem as
the v/, depends on the 7, as its weighted average determines the returns of the
portfolio r4.:

rp = 2imi Wpoarp =0 (20)

where 7% is defined as in equations (15 a 18) if wf_, is positive and as
equation (20) if wk._; is negative. In order to address this problem we may find
the rh:™ which fulfils equation 4.7 using the Genetic Algorithm procedure to find
at least a local root minimizing the argument:

argmin 4 | S0 wh ek —rh | (21)

where ri. is defined as in equations 15 to 18.

The need to use a Genetic Algorithm instead of other traditional methods of
root finding comes from the function form of the %, which includes two indicator
functions that may cause discontinuities for the 7%, which might cause problems
with methods such as secant or bisection, which require a smooth function to
guarantee the root finding. In this case the genetic algorithm does not have
this disadvantage, which allows its use in this kind of problem. Furthermore the
obtained results are consistent having very small fluctuations.
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3. Currency strategies

In the following subsections we use non-parametric statistics to construct three
typical strategies in the foreign exchange market without assuming any distri-
bution. The only restriction on the currencies is that they should be active at
the inception or at the rebalance date and remain active the following month
and have a forward market that contains one month maturity forwards available
to be traded on inception or rebalance dates.

3.1 Carry trade strategies

The idea behind Carry Trade is against the UIP and seeks to take advantage
of the inconsistency known as the forward puzzle. Some authors have suggested
that the excess of the returns generated by currencies with high interest rates
is a risk compensation of unexpected events (black swans or tail events) which
cause significant losses. However (Burnside, 2011a) proves that even if the risk
of catastrophic losses is covered, this kind of strategies continues to generate
excess returns. The table 1 shows results opposite to the UIP in its linear form,
which are congruent with the results presented by Fama (1984). The intercept
estimated for the regression was close to zero for all the currencies and only was
significant for the KWD. Because the UIP is not fulfilled, there is a possibility
to obtain positive returns from using the Carry Trade strategy.

Table 1.
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Source: own elaboration.
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3.1.1 Sign portfolio
The first methodology was proposed by (Burnside, 2011a) and is based on the
pay-off of the carry trade:

Ni(eap(r)) 3 — eap(rusp))  (22)

where N; is the amount of dollars borrowed and invested, r; and rysp are
the 4-th currency and dollar effective interest rates for the period (T-t). The sign
of the N; depends on the sign of the implied interest rate differential calculated
by the difference f; 7 — s; such that sign (N; )=sign(f; 1 — s¢). Moreover, if we
recall the result presented by (Meese, 1983) who said that St may be modeled
as a martingale we have that E[S% | F;] = S} and then the expected pay-off is
by Jensen’s inequality:

E[Nt(ezp(m);% —exp(rusp)) | Fi] > Ni(exp(r;) — exp(rusp)) >0 (23)

This assumption allows arbitrage and implies that the UIP is not fulfilled. In
order to construct a carry trade portfolio using the set of 52 currencies, we follow
the next procedure: the first step consists of calculating each currency’s implied
interest rate differential and sort the currencies depending on that differential,
from lowest to highest. Then we separate the currencies in two sets; the first
contains the currencies which have a negative interest rate differential, also
called at forward discount, and the second set contains the currencies with
positive interest rate differential, called at forward premium. Then with these
two sets the manager can construct one long portfolio with the currencies that
have positive implied interest rate differentials and a short position in the set
of currencies with negative implied differentials. The strategy should be dollar
neutral which means that the amount that the manager invests in the long
portfolio is the amount borrowed from the short portfolio.

Figure 2.
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The following table shows the statistics of the Sign portfolio for the complete
set of currencies that we called Global and for the portfolio that only includes the
G102 currencies. Furthermore, we include the statistics of the portfolio assuming
no transaction cost (TC) and another assuming that the investor pays all the
transaction costs, i.e. there is no inheritance of the position in the portfolio. As
a part of the statistic shown is the hit ratio which indicates the percentage that
the interest rate differential (signal) forecast a positive return correctly.

Finally the table includes the autocorrelation with one lag and its p-value.
In the first three portfolios the auto correlation is significant, however for the
G10 portfolio the autocorrelation is not significant.

Table 2. Sign Returns Statistics with and without trasaction cost (TC)

Statistics Global With TC Without TC G10
Mean (annualised)  5.203% 3.133% 6.299% 3.153%
t-statistic  5.0528 3.0499 6.1137 2.4995

Median (annualised)  6.919% 4.721% 8.014% 4.187%
Std. Dev. (annualised)  5.608% 5.505% 5.612% 6.870%
Skewness  -0.6252 -0.6306 -0.6000 -0.5301

Kurtosis  4.1871 4.1530 4.1169 1.2413

Hit Ratio  66.01% 63.76% 67.42% 60.39%

Sharpe Ratio (annualised)  0.9277 0.5600 1.1225 0.4589
Auto Correlation AC(1)  16.17% 15.90% 16.05% 1.49%
Ljung-Box test p-value 0.00218 0.00259 0.00236 0.77721

Source: own elaboration.

2This portfolio includes the British Pound, Swiss Franc, Japanese Yen, Canadian Dollar,
Australian Dollar, New Zealand Dollar, Swedish Krona, Norwegian Krone, Danish Krone, and
Euro. Before the Euro it may include the Deutsche Mark, Italian Lira, French Franc, Dutch
Guilder, Belgian Franc, Finnish Markka and Irish Pound.
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3.1.2 Carry Trade High Minus Low Interest Rates Portfolio
This second approach to construct portfolios is based on the carry trade idea,
sorting the available currencies at each time taking as a reference the implied
interest rate differential in the forwards. The idea to sort and divide the assets
into portfolios using an investment signal was originally presented by (Lustig,
2007) and was used by (Lustig, 2011) and (Menkhoff, 2011). Furthermore, the
portfolios were determined by the currencies into five quantiles of 20 % each.
In this case we do not know the distribution of the currencies’ implied interest
rate differentials, then the empirical cumulative distribution function (ecf) is
used to determine the quantiles and it is defined by:

ecf =31 0x,  (24)

where each X; is the implied interest rate differential for each currency, dx;
is the Dirac probability distribution with mass 1 at point X;, and each point in
the sample has a mass % where n is the size of the sample.

Each quantile determines one portfolio, in the case of the first set of curren-
cies we assume that the manager takes a short position as this portfolio includes
the currencies with lowest interest rate differentials; ideally in this portfolio the-
re are currencies for which the differential forward-spot is negative. In the case
of the other four portfolios we assume that the investor takes a long position.

Then we construct a dollar-neutral portfolio that is denoted H/L or HML
following the notation of Menkhoff (2011) which takes advantage of the Carry-
Trade, taking the funding by a short position in the first portfolio and then
taking a long position in the fifth portfolio which contains the currencies with
the highest implied interest rate differentials.

The next tables contain the statistics for the portfolios, including the cases
in which there is no transaction cost, when the rebalance does not allow inheri-
tance, and finally the portfolio constructed with the developed currencies. For
the following tables, the portfolio P1 was calculated assuming a short position
once we assume a long position for the other portfolios. The tables show that
the transaction cost has an important effect on the mean and is less important
for the other statistics. In the case of portfolio P2 the mean of returns becomes
negative when the portfolio includes the transaction cost.
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Table 3. Global Currency Portfolios with Inheritance

Statistics P1 P2 Pi P4 Pa Avg, HML

Mean (annualised)  1.98%  0.50% 2,000  2.05%  8.80%  3.10%  10.87%
t-statistic 12056  0.3752 L4455  1.2979 47366 33681 6.0721
Median (annualised)  0.19%  1.82%  2.82%  432% 1080%  4.21%  11.58%
Std.Dev. (annualised) 834%  7.24%  7.80%  9.00% 10.22%  5.02% 8.75%
Skewness  0,0885  -0.0860 -0.5163 -0.8513 -0.7351 -0.7937 -0.6123
Kurtosis 42057 39559 45351 57802 47803  4.7921 4.5382
Hit Ratio  50.56% 53.93% 57.02% 57.30% 68.54% 63.48%  70.22%
wmlised)  23.70% 68000 26.54% 22.73%  B6.06%  61.84%  111.48%
on AC(1)  11.30% -0.20% 10.69% 5.30% 2222% 16.24% 24.17%
Ljung-Box test p-value  0.0323 00565 0.0428 03074  0.0000  0.0021  0.0000

Sharpe Ratio (

Aunto Correls

Table 4. Global Currency Portfolios With All Trasaction Cost

Statistics Pl P2 Pa P4 P5 Avg, HML

Mean (annualised)  1.33%  -0.10%  1.40%  1.18%  6.96%  2.15%  8.29%
t-statistic 08712 -0.0744 09677 07139 37394 23492 4.6492

Median (annualised) -0.59%  1.01%  237%  3.66%  8.76%  3.40%  0.23%
Std.Dev. (annualised)  8.34%  7.24%  7.86%  0.00% 10.13%  4.90%  O.T1%
Skewness  0.0902  -0.0849 05263 -0.8481 -0.7820 -0.8064 -0.6370

Kurtosis ~ 4.3137  3.0750 45380 57602 48203 48113  4.5305

Hit Ratio  49.16%  53.00%  55.000, 55.06% 65.73% 60.06% 65450

Sharpe Ratio (annualised)  15.99% -1.37% 17.77% 13.11% 68.65% 43.13% 85.36%
Auto Correlation AC(1)  11.31% -0.20% 10.25% 547%  2097%  1540% 23.97%
Ljung-Box test p-value 0.0321 09567 00521 03000 00001 0.0035  0.0000

Table 5. Global Currency Portfolios Without Trasaction Costs

Statistics Pl P2 P3 P4 P5 Avg. HML

Mean (annualised)  2.44%  0.96%  2.79%  2.02%  10.24%  38TH  12.67%
t-statistic 15904  0.7260 19237 1L.TTH 5.4719 4.2134 7.0495

Median (annualised)  0.55%  2.26%  3.50%  4.90% 1L61%  5.07% 13.70%
Std.Dev. (annualised) 8.35%  7.24%  7.00%  8.07%  1019%  5.00%  9.79%
Skewness 01170 -0.07700  -0.5006  -0.8163  -0.7230 07857  -0.5632

Kurtosis 42000 39660 45030 56491 4.7287 4.75090 4.5118

Hit Ratio 50.84% 54.78% 57.87% 57.87% 6O.38% 65.17%  7T1.35%

Sharpe Ratio (annualised)  29.20%  13.33% 35.32% 32.56% 10046% 77.36% 12043%
Auto Correlation AC(1) 11L61% -0.51% 10.80% 5250  22.67% 16.11%  24.86%
Liung-Box test pvalue 00278 09237 00391 03201 0.0000  0.0023  0.0000

Source: own elaboration.
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Table 6. G10 Currency Portfolios with Inheritance

Statistics P1 P2 P3 P4 Ps Avg. HML

Mean (annualised)  0.08% 0.14% 2.31% 1L.67T% 5.07% 1.85%

t-statistic  0.0459 00778 1.3652 09111 24555 16562
3.02% 5.48% 3.00% B.07T%

9.98% 11L.M%  6.10% 10.10%
-0.6341 05120 -0.6563
Kurtosis  3.3149  3.5213 1.0701 54046 46644 54962 46058

Median (annualised) -0.02%  1.60%

Std.Dev. (annualised)  9.50%  9.93%

Skewness  -0.1120  -0.0460

Hit Ratio 50.00% 51.40% 55.90% 54.21% 57.87% 56.74% 62.08%

Sharpe Ratio (annualised)  0.84% 25.06% 16.73%  45.08%  30.41%

8.5.

5%  3.76%  101THR 1077V

Auto Correlation AC(1)  -0.63%

Ljung-Box test p-value  0.9022  0.1627  0.1051 04767  0.0540  0.0412

Source: own elaboration.

For the portfolios it is possible to appreciate that the mean increases mo-
notonically from P1 to P5, which will be tested formally in the next section.
Also we observe a rise in the levels of volatility and in the absolute value of the
skewness from portfolio P2 to P5, which includes the emerging markets; in the
case of the portfolios with the developed currencies the relation is not clear.

Figure 4.

Time Series Plot: HML Global Portfolio Performance
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Source: own elaboration.
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Figure 5.
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Source: own elaboration.

The outputs produced with the proposed method that allows inheritance do
not change the statistics of the portfolios significantly, with the exception of the
mean that is between the averages of the returns calculated with and without
transaction costs, which was expected. In addition, the results are consistent
with the results obtained by (Menkhoff, 2011) which suggest that our method,
which incorporates the transaction cost in a more accurate way, is consistent
with the findings in the literature. In general, the performance of the carry
trade strategy for the Sign and HML portfolios is good if we compare it with
SP500, both adjusted by the level of volatility, which is lower for the carry
trade portfolios. However, these portfolios showed important losses in turmoil
markets as we can appreciate in the returns plots, for instance during the crisis
in South Africa (1985), the crash in 1987, the crisis in Mexico (1994), the sell-off
in emerging markets in 2006 and the 2008 global crisis. These observations are
also made for different papers such as (Menkhoff, 2011). The losses observed
in these portfolios in the crises are reflected in the negative skewness and the
excess of kurtosis in the currency portfolios, particularly for those with the
highest interest rate differentials. The observation of time varying risk and the
Peso problem were argued by authors such as (Burnside, 2011b) and (Bhansali,
2007) as the factors that explain, to a certain point, the excesses of returns
observed in the carry trade.

In the figure 6, the currencies that appear more frequently in the HML
portfolio during the period from October 1983 to June 2013 are shown. Finally,
the Sign and HML portfolios are compared with the performance of three ETF
portfolios developed by Deutsche Bank?® to take advantage of the carry trade:

3The pool of currencies eligible for the index are: USD, EUR, JPY,GBP, CHF, AUD,
NZD,CAD, NOK, SEK, KRW, SGD, TWD, MXN, BRL, TRY, PLN, HUF, CZK, and ZAR.
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= The DB Global Harvest Index includes the emerging and developed cu-
rrencies, taking a long position in the 5 highest yielding currencies and a
short position in the 5 lowest yielding currencies.

= The DB Balanced Harvest Index has the same set of currencies. However
it takes a long position in the 2 highest yielding G10 currencies and in the
3 remaining highest yielders from the EM, and a short position in the 2
lowest yielding G10 currencies and in the 3 remaining lowest yielders.

= The DB G10 Harvest Index takes a long position in the 3 highest yielding
G10 currencies and a short position in the 3 lowest yielding G10 currencies.

The HML Global portfolio that chooses the currencies from a pull of 52
showed a significantly better performance than other similar portfolios. It is
also shown that the portfolios which only include developed currencies, with
exception of HML G10, presented the worst performance.

Figure 6.

Number of times the currencies were part of the portfolio H/L
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Figure 7.

Portfolio Performance
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3.2 Momentum strategies

The Momentum strategies are very popular in the FX markets, in particular
for algorithm trading. This kind of strategies is based on the idea to buy a
currency when the past performance is strong and sell the currency when the
past behavior is weak. We can write the pay-off of the momentum strategy as:

2 = sign(5 >r_ (st — si_ ) (fir —sp) (25

where n is the number of lags used to construct the momentum signal. There
are several ways to measure the previous performance of the portfolio; the most
common is using the previous returns or an average of the returns. (Barroso,
2012) suggest that there is evidence that the three months average contains
information about the future behavior of the currency and that longer periods
are not useful as was observed in (Menkhoff, 2012); this period was also used
by Kroencke (2011).

Other periods that we find in literature, as in (Burnside, 2008) and (Rafferty,
2012), are just one month lag or twelve months, for which we found that they
contain relevant information. This approach was also applied in (Asness, 2013)
without considering the most recent lag to discard the possibility of liquidity
problems.

The first task to construct the portfolio is to establish how many past lags
in the returns we will use to determine if we should take a long or short position
in the currency. In order to obtain an idea about the efficiency of this strategy,
we calculate for each currency the generated returns for taking a long position
when last month’s return is positive and a short position when the last month’s
return is negative.
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Generally, the momentum strategies that use the most recently observed re-
turns produce profits, which is expected if we assume that the foreign exchange
rate accomplishes the Markov property. Only 10 of the 52 currencies have nega-
tive returns in average, which suggests that this strategy takes advantage from
the abnormalities observed in the foreign exchange market.

However, we analyzed if we could find significant information including more
lags. In order to justify a decision in the number of lags in our average we
estimate the best ARMA model based on the Akaike information criterion (see
table ARMA models in the Appendix). According to the augmented Dickey -
Fuller test, the majority of currencies may be stationary with p-values lower or
equal to 0.053% and the models that fit the returns in general are ARMA (p,q)
with p and q lower than or equal to four. From this observation, in particular
for the autoregressive part of the model, we may conclude that the number of
lags should be between one and four.

Furthermore, we compare the results with different numbers of lags and
maintenance periods® for each currency assuming all transaction costs. The
following tables, which show the mean of the returns and the hit ratio of the 52
currencies using different lags and holding periods, allowing overlapping in the
investments for holding periods bigger than one, suggest that the three months’
average with a holding period of one month may perform better than other
combinations.

Table 7. Momentum strategy for individual currencies

Curpeney Mean  Std Skew Kunt SR Cwrpency Mean  Std  Skew Kun SR
AT 263 1230 4s 521 (8- | IPY 350 11.3% 013 .27 0332
ATs 244 BT DTl 2 0.25 KWD -1 2 i 170 <041
BEF 2.50 1,71 .50 2.40 01,26 MYR 1226 2210 240 ITAG 0455
BRL B 15356 04T L1603 MXN LT4 1046 0ids 545 07
BCN 146 1104 15 1.14 0,13 NLG 124 1178 312 0n3ar
CAD 021 T2 0 5TH L0003 NED 400 1277 W14 48E 02T
CLP 168 1210 143 803 036 NOE L 1120 0 408 08

40Only for CYP, SIT, and PEN the hypothesis of stationarity was rejected and for the other
currencies, the ILS, ESP, KRW, PTE, GRD, BEF, and ATS had p-values bigger than 0.01.
5The lags and holding periods are expressed in number of months.
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Curpeney Mean  Std Skew  Kunt 3R Cwoeney Mean  Std Skew Kum SR

OO 151 1332 044 363 DM PEN 058 S0 -1.14 62 007
HRK 243 112 035 3T 022 PHI 005 921 037 798 0UM
CYP 218 725 021 256 030 PLN L4 1418 D10 163 0ues

CEK 02 1325 011 32 00 PTE 268 92 DEE 230 020
KK 123 11.07 (i 338 [ RURB L, =0 G 013 705 008
ECH =202 S04 003 L6340 FAR 2.4 1561 047 108 06
EUR 541 LGS 1 051 KEW My 1244 0U0G 6.8 A=

M

FIM 381 99 @15 270 038 SAR A2 D36 570 BR05 055
FRF 264 1135 012 313 03 LOH ] 067 566 037 614 002
DM 223 1178 g 303 009 ERK 768 1:11 D19 337 06D
GRD T8 174 078 1.51 L0 SIT 553 7.0 1 230 0.7

HKD A3 073 <156 1086 G046 ESP 20 947 0T 247 035

HIUTF L.13 1488 -0.32 6.a3 008 SEK 5,00 1143 032 i.11 052
15K L 1681 13 346 006 CHF L1 12 DG 35 015
INR 214 T LIE]ET 5.57 01,30 TWD 20 GED D32 G642 035

IDR 1421 3311 LT [ 043 THE 319 1141 <031 1990 0328

1EF =106 7.4 =00, 110 ) 037 TRY 1A 166D 1.5 1335 015
ILs H57T 925 D10 326 006 UAH 060  1:19 223 2127 005
ITL Lad 1136 -0 457 03D GBP LI 44 00 526 a3

Aver, 248 11 Do 737 0Aav

Source: own elaboration.

In the previous table it is possible to appreciate that the strategies that use
three lags have better performance and one of the best maintenance periods
is one month; for longer maintenance periods the efficiency decreases. These
findings are supported by other papers such as (Menkhoff, 2012).

Following the methodology exposed in (Menkhoff, 2012) the momentum stra-
tegy sorts the available currencies in six portfolios using a cross section ranking.
This method divides the pull of available currencies in 6 quantiles using the
cross-sectional empirical distribution of the last three months’ returns’ average:

ecf =3 3o 0x,  (26)
as it is defined above.

In order to obtain a neutral dollar strategy the first and sixth portfolios will
be used to build a strategy in which the investor will take a short position in
the first portfolio and a long one in the sixth portfolio (HML portfolio). It is
worth mentioning that even though all foreign currencies appreciate at the same
time we can take a short position in those with less significant appreciations,
and long in those with greater appreciations, obtaining a benefit due to the
differential between them. The analogous case is that all currencies depreciate,
which allows the use of this strategy, which is dollar-neutral in any situation.
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Table 8. Average returns

Holding Period 1

L
-
=
e

=
=T
oo
=
s
=1

1 15% L7% 28% 16% 1L7% 18% 1% 11% 12% L1% 11% 08%
2 15% 18% 24% 18% 22% 18% LT 12% 14% 13% 14% 11%
3 15% 16% 20% L8%  LTW 14% 14% 12% 14% 1.3%  1.3%  0.9%
4 11% 1a% LE%  15% 13% 1% 11% 10% 13%  L1% L0% 0T%
10% 1A% 15% 1% 119 09% 09% 09% 120 09% 08% 05%
0.8% 09% 1.2% 10% 09% O08% 08% 08% 1.0% 08% 05% 03%
0.8% 09% 00% 08% 08% 08% 08% 07% 09% 07% 04% 02%
0.65% O08% 090% 0T% 07% 07T% 0.7% 06% 07% 05% 03% 02%
0.5% 07% 08% 0.7% 08% 07% 07% 06% 05% 04% 02% 02%
10 0.6% 08% 08% 0.8% 07% 07% 06% 05% 04% 03% 03% 02%
11 07% 09% 08% 08% 07% 07% 05% 04% 04% 03% 03% 02%
12 07% 08% O07% O0.7% 06% 05% 04% 04% 04% 03% 03% 02%

en

Table 9. Average hit ratio

Helding 1 2 3 4 5 [ 7 8 9 10 11 12

1 49% 48% 51% 49% 50% S0% 49% 49% 409 49% 49% 49%
2 50% S0% S1% B0 S1W S0% S1% A0% S0% S0 S0%  49%
3 52% 51% 52% 5% 52% 51% 51% 51% 52% 51% 50% 50%
4 49% S0% 51% 509 51% 51% 51% 50% 51% 509 S0% 40%
9% 50% 51% 51% 52% S1% 519 50% 51% 51%  50% 49%
40% 49% 51% 50% 51% S51W 519 50% 51% 50 49% 49%
489 49% 49% 50% 50% 50% 5O%  49% 500  49% 49% 48%
ABY, ABY, 40% 4090 49% 49% 499 49% 40% 499 48%  48%
AT AT 4TS AT 48% 48% ABYL AT 4T 4T AT 4TW
10 46% 47% 4TS AT ATH 4T 4BW AT ATR AT 46% 4TR
11 46% 46% 46% 46% 46% 46% 46% 45% 45% 45% 469 6%
12 459 46% 45% 45% 45% 45% 4% A4% A% 5% 45%  45%

en

o oo = o

Source: own elaboration.
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Table 10. Developed and Emerging currencies

Holding

Lags | 3 6 12
1 Mean (Ann) 248Y% 2.00% 047% 1.05%
Hit Ratio 50% 52% 40% 51%

3 Mean (Ann) 2.59% 0.79% 053% 0.71%
Hit Ratio  53% 52% 51% 52%

6 Mean (Ann) 1.20% 0.73% 1.14% 017%
Hit Ratio 54% 50% 52% 46%

12 Mean (Ann) 2.25% 1.07% 0.24% -0.09%
Hit Ratio 53% 52% 50% 47%

Source: own elaboration.

215

In the tables 11 and 12 we show the performance of the HML portfolios
using one, three, six, and twelve months and with one, three, six, and twelve
holding periods to corroborate our previous observation that three months for
the average and one month holding period produces better results.

Furthermore, as with the Carry trade, we present the performance of the six
portfolios and the HML portfolio. The monotonicity in the mean of return is less
clear than in the carry trade and will be tested in the next chapter. Also, the
results for the HML are compared with the portfolios including all transaction
costs, a portfolio without transaction costs, and finally a portfolio that only
includes developed currencies.

Table 11. Momentum Portfolio

Statistics P1 P2 P3 P4 P5 PG HML
Mean (annualised)  -1.63% 0.61% 2.74% 2.74% 327% 422%  2.59%
Standard Error  -0.7971  0.3935  1.8251 17122 20877 26197 11017

Median (annualised) -1.95% 2.03% 3.76% 2.00% 2.74% 1.87% 2.40%
Std.Dev. (annualised)  11.06% 8.40% 8.14% §.65% 8.60% B73%  1L.79%
Skewness  0.7835 005787 -0.4010 -0.2504 -0.2651 -0.2950 05037

Kurtosis ~ 7.1451 5.1654 1.1044 1.7T198 50623 50798

Hit Ratio  46.31% 50.00% 55.40% 56.53% 60.23% 53.13%

Sharpe Ratio (anmualised) -14.72% 33.70% 3619 3T.62%  48.3TH 22.00%
Auto Correlation AC(1)  9.03% 3.21% 4.95% 10.44% 1LA7TH  -5.02%
AC(1) prvalue 00888 05179 05459 03509  0.0492 07681 0.3440

Source: own elaboration.
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Table 12. Momentum

Statistics Global  With TC Without TC G10
Mean (annualised)  2.595% 0.652% 4.806% LO41%
t-statistic  1.1917 0.3008 2.2583 1.0030
Median (annualised)  2.403% 0.819% 4.181% 1.966%
Std.Dev. (annualised) 11.793% 11.744% 11.741% 10.509%
Skewness  0.5037 0.4702 0.5363 0.2787

Kurtosis ~ 5.0798 5.1534 4.1540
Hit Ratio  53.13% 55.11% 52.54%
Sharpe Ratio (annualised) — 0.2200 0.4170 0.1847
Auto Correlation AC(1)  -5.02% -5.56% -6.86%
Ljung-Box test p-value  0.34399 0.20514 0.10483

Source: own elaboration.

Finally, we compare the performance of the HML portfolio for the whole
set of currencies and for the developed currencies (G10) with the Momentum
Index® of Deutsche Bank.

Figure 8.

Time Series Plot: HML Global Portfolio Performance
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Source: own elaboration.

SIndex construction process: Define pool with 10 major currencies: USD, EUR, GBP, CHF,
JPY, AUD, NZD, CAD, SEK, NOK. Rank each currency by its 12 month rolling return against
the USD. The Index consists of long for the 3 currencies with the highest rank against short
for the 3 currencies with the lowest rank, all equally weighted. Transact 3 month forward
contracts to the next roll date. Every month, re-rank the currencies according to their 12
month rolling return against the USD.
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Figure 9.
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Source: own elaboration.

In the figure 9 it is possible to appreciate that the momentum strategy per-
forms well during the crises, which is one of the main differences in the behavior
between the momentum and the carry trade.

3.3 Value strategies

For the value strategy the principle is to determine using the real exchange rate
instead if the manager will buy (sell) currencies based on under(over)-valuation
relative to equilibrium exchange rates. The real foreign exchange rate considers
the relative prices and is adapted according to the international commerce of
each country. To show if a currency is undervalued or overvalued, we use the
Hodrick-Prescott filter (HP). This filter decomposes the time series in its trend
and cycle, the trend is used to determine if the real foreign exchange rate is
above or below its trend line. In (Barroso, 2012) they use the standardized real
exchange rate using its historical moments, they comment that this standardi-
zation is necessary as the real exchange rates are close to a unit root process.
Applying the Dickey-Fuller test for the real exchange indexes, all of them reject
the hypothesis to be stationary with p-values bigger than 0.01, only the NOK,
the IDR, the SIT and the TRK have p-values lower than 0.05 for which the
stationary hypothesis may be accepted. Furthermore, when the first differences
are computed all the currencies accept the stationary hypothesis, then the real
exchange rates are integrated once, or I(1).

In order to construct the signal, the HP filter is used to decompose the
observed series x; into two components: the trend m; and the cycle ¢; such that
¢ = my+c;. The HP filter identifies the cycle and trend by balancing a trade-off
between smoothness and trend adjustment:

Moy im0 en 6 + A a1 — B)?my)?}  (27)
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subject to x; = my + ¢;. The value signal is defined as In(mi_,/q!_,) where
qi_, is the real exchange rate index at time ¢-1 and m!_, is its trend computed
by the HP-filter. To calculate the trend and the signal, the real exchange rates
are used with a lag of one month because they are published fifteen days after
the end of each month. When this signal is positive it indicates that the real
exchange rate is undervalued and it should appreciate. The appropriate strategy
in this case is to take a long position. On the other hand when the signal is
negative, the real exchange rate is overvalued and the investor should bet to a
depreciation of the currency taking a short position. In this kind of strategy the
fact that we use the signal with one lag does not imply a huge disadvantage as
usually the signal stays for several months before and during the mean reversion
of the real exchange rate.

For the Hodrick-Prescott filter all the information available will be used as
data for each currency. Although the returns are negative for the majority of
currencies, the hit ratio is in average 45 % as it is observed in the table below.
The pay-off of this strategy for the i-th currency is:

zp = sign(In(mi_y/q; 1)) (fir —sp)  (28)

where T is the maturity of the strategy, which for our setting is one month
after t. The blank spaces in the next tables correspond to currencies for which
the calculations could not be made.

Once again we sort the currencies from those that showed greater overva-
luation to those which presented greater undervaluation using the value signal,
dividing the currencies in three portfolios. Two of them are considered: The first
one (PS) contains the currencies which are over its trend line and present the
biggest value signal in absolute terms, and the second portfolio (PL) contains
the currencies which are below its trend line and have the biggest difference.
With these two portfolios the strategist should take a short position in PS and
a long position in PL, building a dollar neutral portfolio. The third portfolio,
PM, is also included in the tables 14 y 15.

In the following plots the performance of the value strategy is contrasted
against the Deutsche Bank PPP index”

"Index construction process: Currency pool with the currencies USD, EUR, GBP, CHF,
JPY, AUD, NZD, CAD, SEK, NOK. Rank the average daily spot rate over the last 3 months
divided by the Purchasing Power Parity rate (PPP). The Purchasing Power Parity rate is the
fair value for each currency’s spot exchange rate versus the USD as published annually every
March by the OECD. The Index consists of long for the 3 currencies with the highest rank
against short for the 3 currencies with the lowest rank, all equally weighted. This creates a long
exposure to the currencies which are trending higher, and a short exposure to the currencies
that are trending lower. Trade 3 month forward contracts to the next roll date. The index is
a total excess return over Libor.
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Table 13. Individual Value Strategy

Currency Mean returns  Hit ratio  Currency Mean returns  Hit ratio

GBP -2% 46% KWD

CHF -4% 45% MYR -5% 48%
JPY -3% 46% MXN 2% 48%
CAD -2% 45% PHP -6% 36%
AUD 0% 48% PLN 1% 46%,
NZD -0% 8% PTE -9% 8%
SEK 0% 50% SAR 0% 27%
NOK 2% 54% KREW -6% 44%
DEKK -5% 42% ESP -3% 46%
EUR -2% 46% WD 0% 51%
DEM 5% 43% THB -3% 45%
ITL 0% 4T% BRL -1% 43%
FRF -4% 43% EGP

NLG -4%, 46% RUB 11% 82%
BEF -12% 42% SKK -39 44%
FIM -13% 42% HREK -1% 49%
IEP -4% 35% CYP 1% 40%
HKD -1% 36% ILS -1% 43%
ZAR -4%, 46% ISK -5% a0%
SGD -2% 42% SIT 0% 48%
ATS -14% 33% BGN -4% 49%
CZK -1% 4T% UAH

GRD 4% 56% TRY 2% 46%
HUF -3% 44% CLP 2% a0%
INR -1% 48% Cop 1% 46%
IDR -17% 44% PEN 0% 43%

Source: own elaboration.
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Table 14. Value Strategy

Statistics pPs PM PL HML

Mean (annualised) -4.97% 1.57%  1.96% -3.01%
Standard Error -3.387  1.048 1.209  -2.347

Median (annualised) -5.36% 3.79%  3.0T% -4.58%
Std.Dev. (annualised) 7.00%  8.16%  8.82%  6.99%
Skewness 0602 0460 -0.266  0.363

Kurtosis 5531 4227 4192 4611

Hit Ratio 37.6% 56.2% 57.3%  402%

Sharpe Ratio (annualised) -0.622 0.192 0222  -0.431
Auto Correlation AC(1)  8.69%  8.55% 10.52% 1.22%
Ljung-Box test p-value 0.0997 0.1053 0.0463 0.8178

Table 15. Value Strategy (transaction cost effect)

Statistics Global With TC Without TC G10
Mean (annualised) -3.01% -5.03% -1.73% -3.44%
Standard Error  -2.347 -3.914 -1.349 -2.640
Median (annualised) -4.58% -6.26% -3.43% -4.49%
Std.Dev. (annualised)  6.99% T.01% T.00% 7.00%
Skewness  0.363 0.326 0.378 -0.002

Kurtosis ~ 4.611 4.620 4.605 4.502

Hit Ratio  40.2% 36.8% 41.9% 411.3%

Sharpe Ratio (annualised)  -0.431 -0.719 -0.248 -0.485
Auto Correlation AC(1)  1.22% 1.63% 1.31% 0.52%
Ljung-Box test p-value 0.8178 0.7570 0.8037 0.9214

Source: own elaboration.
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Figure 10.

Portfolio Performance
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Time Series Plot: HML Global Value Portfolio Performance
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3.4 Reversal strategies

The reversal strategy is based on the idea of taking advantage of the misa-
lignment of the currency for its long term mean expecting a correction; this
phenomenon is called the mean reversion property. In this strategy the manager
takes a long position in the currencies that are undervalued and a short position
in the currencies that are overvalued. This strategy was implemented in papers
such as (Asness et al., 2013) and (Barroso and Santa-Clara, 2012) who used real
exchange rates instead of nominal exchange rates. For our purposes we use the
nominal exchange rates and follow (Asness et al., 2013), who takes the previous
five years’ spot rate and used the Uncovered interest parity to calculate the
expected value of the exchange rate taking into account the interest rate diffe-
rential (SPUTF = §EUIPe(re—rua)(t=7)) for the day that we want to compare to
the current exchange rate. Then we can define the reversal signal as:

7

rev.sig = log(si,sﬁ)
7

If log( R U 7 P) is positive, it implies that the currency is depreciated and it
should apprec1ate then the investor should take a long position in this currency.
However, if log(%) is negative, the currency is overvalued and it should

depreciate, so the Snvestor should take a short position. Thus the pay-off of this
strategy is:

i i Sl . .
2= szgn(log(sti,%))(ﬁj —s7)

In order to determine the period that we need to consider for the reversal
strategy we consider three alternatives: three, four, and five years. First of all,
the regression:

i

(fi g — sk) = Bllog( FU,P»HT

is calculated with the expectation to obtain a positive which indicates a
direct relation. Although we observe that for the three-year period and for the
majority of currencies the is positive, for most cases it is not significant. However
by observing the hit ratio, this statistic indicates that in average the three years
period has more accuracy anticipating the direction of the movement of the
interest rate than the four-year and five-year periods.
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Table 16. Regression and Hit ratio obtained from the signal and hit ratio
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Once we define the three-year period as a reference for this strategy, five
portfolios are built by a cross sectional rank which divides the portfolios in five
quantiles using the empirical cross section distribution based on the reversal
signal. Then, the asset manager takes a long position in the portfolio with
currencies with bigger reversal signal and a short position in the set of currencies
with lower reversal. Ideally, for portfolio P5 reversal signals are positive for all
the currencies and greater than the signals for other currencies. This indicates
that the currencies in that portfolio should appreciate. Conversely, for portfolio
P1 reversal signals are negative for all the currencies and lower than the signals

for other currencies, which indicates that they should depreciate.

Table 17. Reversal Strategy Portfolios

Statistics Global With TC Without TC  G10
Mean (annualised) -4.02% -6.27% -2.49% -0.06%
Standard Error  -2.633 -4.009 -1.631 -0.033
Median (annualised) -5.16% -7.09% -3.61% -1.16%
Std.Dev. (annualised)  7.91% 7.91% 7.89% 8.96%
Skewness  0.1521 0.1474 0.1869 0.2732
Kurtosis  3.4454 3.4030 3.4579 4.2483
Hit Ratio  42.99% 40.81% 44.24% 48.91%
Sharpe Ratio (annualised) -50.91%  -79.25% -31.53% -0.63%
Auto Correlation AC(1)  25.42% 25.51% 24.54% 4.13%
Ljung-Box test p-value  0.0000 0.0000 0.0000 0.4568
Table 18. Reversal Strategy
Statistics P1 P2 P3 P4 P5 HML
Mean (annualised) -6.42%  2.69%  0.92%  1.68%  240% -4.02%
Standard Error  -3.6980  1.6272  (.5844 1.1338 1.8148  -2.6330
Median (annualised) -7.93%  3.27%  082%  1.86%  0.56%  -5.16%
Std.Dev. (annualised)  8.98%  8.56%  8.13%  7.66%  6.84%  7.91%
Skewness  0.7467  -0.3451 -0.5103 -0.5196 0.1813 0.1521
Kurtosis ~ 5.0815 44028 4.7561 53852 44339  3.4454
Hit Ratio 34.58% 55.76% 51.40% 54.21% 52.34%  42.99%
Sharpe Ratio (annualised) -71.52% 31.46% 11.30% 21.92% 35.00% -50.91%
Auto Correlation AC(1) 31.59%  9.07%  9.54% 10.85% 9.00%  25.42%
Ljung-Box test p-value  0.0000 0.1027  0.0839 0.0508 0.1017 0.0000

Source: own elaboration.
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Only in seven months the signal is negative for all the currencies; in the
other cases there is at least one currency for which it is was either positive or
negative. However, if this does not happen, the strategy can also make a profit
if the signal is correct, anticipating bigger returns for the currencies in P5 and
lower returns for the currencies in P1.

Figure 12.
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In this strategy the losses generated for the short P1 portfolio drive the bad
performance of the strategy and the monotonicity observed in the carry trade is
not observed as the returns generated by a long position in P1 are bigger than
the other long investments in the other portfolios in average, which contradicts
the idea of the reversal strategy.

4. Currency Strategies Statistical Analysis

The goal of this section is to present a statistical analysis which includes tests
of monotonicity in the carry trade and momentum portfolios, the relationships
between the different strategies, and the implementation of Granger’s causality
test to identify if the portfolio signals contain relevant information about the
future returns of the currencies.

4.1 Non-Parametric Monotonicity and Mean tests

This section includes two subsections, both involving hypothesis tests. The first
one is for the monotonicity of the returns for the trade and momentum portfolios,
and the second is to test that the mean is different from zero for different
portfolios of each strategy. In order to test the monotonic relations between
the returns in the carry trade portfolios and in the momentum portfolios, the
approach proposed by (Patton, 2008), which uses the Bootstrap methodology
for the proof, will be utilized. For the sorted portfolios we have the population
differences between the means of the P; portfolio and the P;_:

A= pi —picr (29)

for i=1,2,...,N and the sample differences estimated by the sample means

i
Ay =i — fu—1 (30)
for i=1,2,...,N. Let define the hypothesis
Hy:A; <0 wvs Hy:min(A;) >0 (31)

The idea is to reject the null hypothesis and then not rejecting the alterna-
tive hypothesis that implies that all the A; and thus p; > p;—1 for all i, then we
may conclude that the portfolios have a monotonic relationship. (Patton, 2008)
avoided the problem of estimating the covariance matrix of the asymptotic mul-
tivariate normal distribution (N) for a large sample T:

VT ([ - in] = [, -pn]) ~N(0,30)  (32)

Then, using the Bootstrap we generate B new samples which were randomly
drawn from the returns’sample considering replacement and considering for each
sample the complete set of portfolio returns. For this paper, the size of the
samples 7 is random and B = 1000. Finally to conclude the test, the p-value is
calculated by counting the number of the Bootstrap samples that fulfil at least
for A; the null hypothesis and then divide by B.

J=B-1%7 1(A; <0) (33)
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We apply the test for the 5 carry trade portfolios assuming for this test that
P1 is also a long position, and not a short position as explained in the previous
chapter. Although the test does not accept the hypothesis of monotonicity with
p-values above 40 %, the portfolios for which this relation is not clear correspond
to the portfolios for the third and fourth quintiles, i.e. P3 and P4. When the
tests were made without P3 or without P4, they were accepted with p-value of
0.06 when incorporating the transaction cost and 0.03 without transaction cost.
The most important relation is that the mean of returns in P1 is lower than the
mean of returns in P5, which implies that taking a short position in P1 and a
long position in P5 will have a positive mean of returns.

In the case of the momentum strategy, the monotonicity relation is rejected.
However the monotonicity relation that the returns in P1 are lower than the
returns in P6 is not rejected for the returns calculated with or without transac-
tion costs with a p-value of 0.01. When the transaction costs are omitted, the
hypothesis of monotonicity relation is rejected. This suggests that the transac-
tion costs play an important role for this strategy. The next step is to test if
the returns of the following strategies are positive in average: (1) Sign strategy;
(2) HML Carry Trade strategy; (3) HML Momentum strategy, (4) High Value
signal strategy (PL) and (5) High Value signal strategy (PL)

For the reversal and value, the High Minus Low strategy does not generate
profits in average, but the portfolios with the currencies that have the higher
signal showed positive returns in average. These portfolios will be used for the
next test and in the next chapter to construct a portfolio that includes the five
kinds of portfolios.

Let define the hypothesis:

Ho:pn<0 ws Hy:p>0 (34)

Using the same approach as in the test before, the p-value (J) can be calcu-
lated using the bootstrap samples:

J=B-1%7,(p<0)  (35)

The table 19 presents a summary of these tests as well as the results from
a non-parametric Wilcoxon signed rank test for the median of the portfolios’
returns. For the Wilcoxon test the hypotheses tested are:

Hy:M>0 vs Hi:M<0 (36)

where M is the median of each portfolio’s returns. In the table the answers
presented for this test are related to Hy. In addition for each strategy the test
was performed for the portfolios with and without transaction costs (TC), the
test was not implemented on the portfolios that allow inheritance of the posi-
tions as their returns depend on the previous position and the tests presented
assume independence from one period’s returns to another period’s. An impor-
tant remark is that the Wilcoxon test assumes the symmetry of the distribution
while the test made using the bootstrap did not assume so.
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Table 19. Mean and Median test

Portfolio Strategies

Sign Portfolio
Without TC ~ With TC
Mean  Test via Bootstrap p-value 0.000 0.001
Median ~ Wilcoxon signed rank test  Accepted Accepted
HML Carry Trade
Without TC  With TC
Mean Test via Bootstrap p-value 0.0000 0.0000
Median ~ Wilcoxon signed rank test Accepted Accepted
HML Momentum
Without TC  With TC
Mean Test via Bootstrap p-value 0.015 0.392
Median ~ Wilcoxon signed rank test Accepted Rejected
P5 Reversal

Without TC  With TC

Mean  Test via Bootstrap p-value 0.01 0.161
Median ~ Wilcoxon signed rank test Accepted Rejected
PL Value

Without TC  With TC
Mean Test via Bootstrap p-value 0.057 0.285
Median ~ Wileoxon signed rank test Accepted Rejected

Source: own elaboration.

When the returns do not consider transaction costs, all the strategies reject the
hypothesis that the mean is less than or equal to zero and the same applies for
the median according to the Wilcoxon test. However, when the transaction costs
are taken into account, only the tests for the sign and the HML Carry Trade
reject the hypothesis, while in the other cases there is not enough information
to reject it.

5. Granger’s Causality Test

One way to test if the signals contain valuable information to predict the future
returns is through Granger’s causality test. In the standard causality test, k
lags are established arbitrarily, and the following regression is performed with
ordinary least squares:

Ty = Zf:l ;T + Zle Biyi—i +ur  (37)
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with t=1,2,...,T. The null hypothesis is that the coefficients are equal to
zero and this implies that Y does not cause X. The proof also requires the
following statistic:

k 2

02—k a4l poop—
A(,y) = 2t i T2l (38)

where 0; and 4t are the residuals of the regressions; they have an asymptotic
distribution F(k,T-2k-1) when T — oo. If A(z,y) exceeds the critical value of
distribution F for a certain level of confidence (1—«), Hy is rejected. Intuitively,
if we include past values of y the forecast of x should improve significantly,
therefore A(z,y) will be big enough and the hypothesis that y fails to explain x
is rejected.

The test is performed for each of the characteristics, trying to identify if
these have relevant information about the future returns of the currencies. These
characteristics are the following: (1) The Sign of the carry trade; (2) The Implied
interest differential; (3) The Momentum signal and, () High Value signal strategy
(PL) and (5) High Value signal strategy (PL). Each one is standardized by its
cross-sectional mean and standard deviation to make the series stationary. Then
the Granger’s causality test is used to identify if the values in each characteristic
explain the future returns of each currency.

Table 20. Granger’s Causality Test

Currency Sign Int. Rate diff. Momentum  Reversal Value
GBP 1% 5% 87% 56% 18%
CHF 5% 1% 57% 42% 56%
JPY 50% 16% 25% 88% 22%
CAD 46% 3% 14% 73% 94%
AUD % 46% 60% 27% 65%
NZD 34% 18% 29% 46% 97%
SEK 9% 86% 100% 3% 64%
NOK 38% 99% 37% 43% 74%
DKK 40% 36% 87% 84% 16%
EUR 45% 51% 4% 93% 41%
DEM 94% 25% 3% 5% 24%
ITL 99% 74% 50% 57% 40%
FRF 12% 35% 34% 79% 35%
NLG 94% 10% 8% 93% 18%
BEF NA NA N/A NA NA
FIM NA NA NA N/A N/A
[EP 20% 24% 87% 22% 11%
HKD 0% 9% 0% 0% 64%
ZAR 10% 2% 30% 36% 99%
SGD 61% 79% 63% 63% 61%
ATS N/A NA N/A NA NA
CZK 24% 19% 61% 2% 23%
GRD 66% 85% 29% 35% 5%
HUF 97% 46% 20% %1% 28%
INR 2% 13% 10% 75% 70%

IDR 16% 34% 38% 83% 4%
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Currency Sign Int. Rate diff. Momentum Reversal Value
KWD N/A NA N/A N/A N/A
MYR 0% 0% 43% 92% 57%
MXN 35% 40% 3% 80% 16%
PHP 83% 3% 57% 60% 7%
PLN 91% 67% 30% 8% 62%
PTE N/A NA N/A N/A N/A
SAR 0% 0% 2% 0% 41%
KRW 33% 15% 58% 68% 34%
ESP N/A NA N/A N/A N/A
TWD 67% 68% 1% 62% 37%
THB 49% 2% 15% 11% 182
BRL 63% 20% 86% 94% 25%
EGP N/A N/A N/A N/A NA
RUB 99% 2% 0% 16% 7%
SKK 2% 31% 94% 5% 81%
HRK 87% 5% 97% 70% 9%
CYP 43% 34% 98% 17% 69%

LS 7% 1% 14% 20% 8%
ISK 50% 42% 23% 54% 53%
SIT N/A NA N/A N/A N/A
BGN % 91% 66% 63% 51%
UAH N/A N/A N/A N/A N/A
TRY 7% 66% 26% 58% 32%
CLP 87% 7% 84% 38% 88%
CcoP 88% 99% 64% 52% 1%
PEN 62% 7% 7% 36% 47%

Source: own elaboration.

Although the results of the test show how the characteristics are relevant
for some currencies and not for others, the carry trade strategies (sign and im-
plied interest differential) are significant for a bigger number of currencies in
comparison with the other three characteristics. This observation, along with
the significance obtained from the mean and median tests in the last subsec-
tion, suggests that the carry trade signals contain some information that may
be complemented with the other signals to construct a portfolio that takes ad-
vantage of the information contained in the four signals.

6. Construction of efficient foreign exchange portfolios

After the statistical analysis of the currency strategies in the last sections, which
suggests that the characteristics of each currency contain information it is pos-
sible to construct a portfolio taking advantage of this information based on
the approach of a parametric portfolio developed by (Barroso and Santa-Clara,
2012) who implement a model for a currency portfolio using characteristics for
the currencies similar to those that was analyzed previously. The presented port-
folios include the modification suggested by (Barroso and Santa-Clara, 2012) for
the transaction costs that implicitly include information about the liquidity of
each asset according to each period, which (Beardsley et al.) also incorporate
in their model. Furthermore, in order to adapt the model for conservative funds
such as pension funds, we propose to include a restriction in the leverage of
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the portfolio which may be replaced with a restriction that considers some risk
budget. The efficient portfolio obtained was compared with the performance of
the naive portfolio 1/N which invests in equal weights in five portfolios (Sign,
HML Carry Trade, HML Momentum, P5 Reversal signal, and PL Value signal
portfolios).
6.1 Portfolio optimization based on the characteristics of the curren-
cies
For the construction of the portfolio, we use the Constant Relative Risk Aver-
sion Utility function, also known as the power utility function. While we can
apply the methodology presented in this section with other utility functions, the
CRRA utility function penalizes the skewness and kurtosis as was mentioned
by (Barroso and Santa-Clara, 2012) and it is explained below. The relevance
of a function that takes into account higher order statistics resides in a better
approximation to the investor’s preference as he or she dislikes assets with ne-
gative skewness and higher kurtosis and asks for a reward in order to accept
contingency claims with these characteristics, as was mentioned by (Harvey and
Siddique, 2000). For this exercise, without loss of generality, we consider:
1—v
Ur) = H72—
Where 7, > —1 represents the returns of the portfolio and it is defined as:
T,
Tpitl =Tfe+ Zf\f:tl(e ﬁf’t )ittt
Where 74 is the United States Dollar effective interest rate for investments
that start at time t and have maturity t + 1; in our setting the term is one month
and the LIBOR quotes are used. The weights of each currency are determined
by the vector , the number of available currencies and the characteristics of each
currency also known as the portfolio weight function:

T
%) = Wiy
In this approach the portfolio has two parts, the first one is a 100 % investment
in the USD interest rate and the second is a short long neutral dollar portfolio
that includes N; currencies. The second part depends on the portfolio weight
function that contains the vector of parameters 0 of size k x 1 and the matrix of
the characteristics of size k x Ny, where k is the number of characteristics. The
main assumption of this approach is that the characteristics of the currencies
contain all the information available.

The investment in each currency is performed taking long or short positions
in the one month forward foreign exchange market and the return r; 11 gene-
rated from t to t + 1 was calculated as was explained in previous sections. This
investment is zero cost if we assume that it is not required to post collateral.
The characteristics of the currency x; ; that will be used for the construction of
the portfolio are the following: (1) the Sign of the carry trade, (2) the Implied
interest differential, (3) the Momentum signal, (4) the Reversal Signal and (5)
the Value signal. Each characteristic is standardized by its cross section mean
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and standard deviation. Then the distributions of the characteristics are sta-
tionary because for each month their distribution has zero mean and variance
one. The standardisation also allows us to compare the relative signal among
the periods; its most relevant contribution for the portfolio optimization is the
guarantee that the sum of the weights w; ; is zero.

Another important detail about the weight function is that GTIM is divided
by N, which maintains the stationarity when the number of available curren-
cies increases or decreases, since an increment in the number of currencies may
cause aggressive positions in some currencies when the implicit investment op-
portunities in the characteristics of the currencies are the same. For the period
between October 1986 and June 2013 (the maximum period for which the five
strategies were available) the minimum number of currencies was seven and the
maximum was 37. The asset manager will take a position in the USD interest
rate and in the long-short portfolio when the expected utility is bigger than the
utility generated by investing only in the USD interest rate.

The asset manager will take a position in the USD interest rate and in the
long-short portfolio when the expected utility is bigger than the utility generated
by investing only in the USD interest rate:

ElUQ +7rpe+ S0 (507 000)) | Fo) > U(L+7p4)

To clarify this point, and using the Taylor’s expansion to the first order we
have:

E[U(L+ 774+ Y (50T8:00)) | Fil = UQ+rp B[ (507 200) | Fi] >
U(l—l—Tf}t)

If the first order approximation is good enough, it indicates that the manager
should only invest in the long short contingency portfolio if and only if it has
a non-negative mean. This is a desirable condition that the optimal portfolio

should fulfil. One of the advantages of using the CRRA utility function is that
U((f)) -
~. This factor reflects the risk aversion of the asset manager, in particular their
crash risk aversion. For this reason it is desirable to have a utility function
that penalizes negative skewness and high kurtosis, this property is relevant at
the moment of performing the optimization. Thus the asset manager faces the
problem of maximising their expected utility function by choosing the best 8:

the investor knows its Arrow-Pratt coefficient of relative risk aversion —y

supgE[U(L 4+ 1y 441) | Fi] = sung[(Hrf# | Ft]

This optimisation takes into account the higher moments, as was mentioned
earlier, and penalised the skewness and the kurtosis; this point is clearer when
the utility function is substituted by its Taylor’s series around the mean:
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Simplifying the notation, we can write E; instead of E( | F3):

From the previous expansion it is easy to notice that for the CRRA uti-
lity function the factors in the last equation penalise the high volatility, the
negative skewness, and the high kurtosis. Note that in this observation there
is the assumption that r, ;11 and E(r,41) are greater than -1. Probably this
assumption is not a problem as optimization should provide the best 0 that
generates the best returns. In order to estimate é, the problem in equation can
be solved under the assumption that the characteristics of the currencies have
all the relevant information about the assets’ returns’ conditional distributions,
substituting the conditional expectation with the unconditional expectation:

_ (trp) ™7
supgE[U (1 + 7f441) | Fi] = supgE] = | Fi]

and assuming that the parameters in the vector are constant through time
we are allowed to use the sample analogues to estimate 6:

A _ 0T &
0= argmamg% Zfzol U(]_ +reet Zi&o(%)riﬂrl)

Furthermore, the last expression can be simplified for the non-linear optimiza-
tion, using Taylor’s expansion around the mean of the portfolio returns. (van
der Noll) suggest to use Taylor’s expansion of sixth order to have a good ba-
lance between the accuracy in the approximation made by the series and the
computation cost to obtain the optimum. The optimization suggested above
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does not take into consideration the effect of the transaction costs that also
constitute a proxy of the liquidity in the market. From the analysis in the
previous section it can be observed that the transaction cost and liquidity are
a valid concern for the asset managers; the relevance of the transaction cost in
portfolios was also reported by (Menkhoff et al.;2011) and should be treated
as a separate factor from the returns. In order to incorporate the transaction
cost into the optimisation, the approach of (Barroso and Santa-Clara, 2012) was
followed. The modification from the previous objective function is simple, as it
only needs to incorporate the forward transaction cost of each currency (c; )
inside the utility function in the following way:

~ _ GTAi oTAi
0 =argmazo 3o UL+ 750+ 3o ()i — Yo () Cipe)

CiFt = Fask,t_Fbid,t
i T I T S
o Fooke vt Eyia e

For both equations we expect that 6 fulfils the following condition. Under the
assumption that § maximizes the expected utility, and 7,- denotes the portfolio
returns calculated with 6, we obtain:

E[U(1 + T;,Hl)] > E[U(1+ T;,t+1)]

For all r;,t+1 that depends on 6. In particular if we considered, §' = é—i—e, where

e is a vector that increases the parameter é, and 6 is the maximizer for the
expected utility, it implies that for each eg:

Ny 07z, Ny (67,
ZEBU+rpe+ 20 ()i — 2o (7=t )Cir) | 1] =0

This equation can be rewritten under suitable regularity conditions as:

T 4 T
0" ;¢ [

Ny Nt
]E[dfk U(l+ Tft+ zi:o( N, )Ti,t-&-l + Zi:o( N, )Ci,t-i-l) | Ek] =0
ElU! Ny 053, Ne 0% 3, N¢ (@i erieq1
[U'(X+rpe+ 220 (R )it + 22,20 () Cie) (0, 2o (FHF) +
Ny i,tClit _
Yo (PR =0

When the transaction cost is not taken into consideration we obtain:

/ Ny (072, 4 N¢ xierieq1 _
BIU (1 +rpe + 3020 (R )rie1) Q2 2o (FH5=1))] = 0

If it were non-zero, then the investor could improve the utility increasing at
least one of the elements which belong to 0 in ey.

These equations are useful according to (Brandt et al., 2009) for the estima-
tion of the standard errors using the (Hansen, 1982) approach to compute the
asymptotic covariance matrix of these estimators. In the next section we calcu-
late the standard errors using the bootstrap technique which was also suggested
by (Brandt et al., 2009), in particular when the returns present leptokurtosis or
when it is not desirable to make any assumption about the distribution. For the
optimisation we used the following formulation in which the next constraints
were included when not considering the transaction cost:




Revista Mexicana de Economfa y Finanzas,Vol. 13 No. 2, (2018), pp. 195-245 235

A _ 0T,
0 = argmazg 3 Z?:ol Ul+rp:+ Zfi’l( 1\2 )ritt1)

subject to

Nt 03;1‘15 emTz't
it (I <0) > -1
0 >0 k=1, K

where K is the number of characteristics used for the currencies, in this
setting K = 5. A similar setting is used taking into account the transaction cost
in the optimisation:

T T

A _ 0. 0z,
b = argmazo g 2120 UL+ 7+ S0 (G rie — 2 () Ci)
subject to
N, 93;1 ) 03;7’, )
Ez:tl( Nt)f )H( N;f < 0) 2 -1
0, >0,k=1,... K
The objective of restricting the values of 0y for k = 1, ...,5 is to respect

the sign and the construction of the characteristics. The signal of each strategy
was constructed to be positive when the investor should take a long position
and negative when the investor should take a short position. If the possibility
that the elements in to be negative was allowed, it would imply that the signal
constructed for characteristic k is ill post or misspecified. When an estimated
is zero, it implies that this characteristic does not provide valuable information
for the future behaviour of the currency returns. Taking this into consideration
we test the estimated parameters to know their significance using the bootstrap
sampling with replacement, generating 1,000 samples, and calculating the p-
value for the parameter 6y:

p —valuey = (3,2 1(6; , = 0))/1000

After the implementation of the setting proposed by (Barroso and Santa-
Clara, 2012), we notice that for the currencies used in this paper the optimal
parameter might generate a leverage greater than 100 % of the portfolio when
the leverage is measured as the sum of the weights, for which the investor takes
a short position. This observation may not be a problem for the hedge funds but
for market participants that take more conservative approaches such as pension
funds, sovereign wealth funds, or central banks, the level of leverage necessary
could limit the implementation of the optimal portfolio. With the objective of
controlling the level of leverage that the implementation of the model might
require and which depends on the parameters of # and the characteristics, it is
included the restriction:

eT T

N V=i @it
> i ( N;t I( N;{ <0)>-1
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The idea behind the restriction is to obtain in average a leverage close to
100 %. In the next section we show that the levels of leverage of the portfolio
optimization are close to 100 % for the computed portfolio. This restriction
can also be useful in scenarios in which the short selling is restricted or when
the regulation limits the short position, this limit could be over the average of
leverage taken by an institution in a certain period of time. Thus the restriction
contributes to the implementation of this optimization approach for a bigger
number of participants.

Furthermore at the moment of solving the optimization problem, the follo-
wing condition is fulfilled:

T

0T
E(Nil;t)ﬁ"t_,_l >0

Finally and probably the most important characteristic of this approach is
that it is tractable because it has a parsimonious number of parameters that
have to be estimated to determine the investment amount for each currency.
This fact was highlighted by (Barroso and Santa-Clara, 2012) and (Brandt et
al., 2009) who avoided the dimensionality curse, that in the cases of the mean
and variance optimisation and the stochastic dynamic optimisation require the
estimation of Ny means and N;(N; + 1)/2 elements of the covariance matrix;
in the case of 37 currencies for which we can estimate the weight using the
(Barroso and Santa-Clara, 2012) approach only five parameters are estimated
against the 740 parameters that would have to be estimated with the other two
methods.

6.2 Empirical implementation and Results

In order to construct the optimal portfolios, we use the same currencies as in
previous sections, and use two different windows of time. The first window co-
rresponds to the in-sample period, which covers from October 1986 to December
1996. The second window is the out-sample period and includes from January
1997 to June 2013. The constant relative risk aversion factor that is used for the
implementation is four, which was estimated empirically by (Bliss and Panigir-
tzoglou, 2004) using the implied information contained in the one month options
for the SP500 and FTSE. For the in-sample period, the constrained optimiza-
tion of the objective that includes the transaction cost in the utility function is
performed for 1,000 bootstrapped samples in order to obtain the estimation of
the parameters for each sample. The same samples were used to estimate the
parameters’ covariance matrix and the p-value for each parameter. Furthermore
the same exercise is performed individually for each characteristic and for the
objective function without transaction costs.

The samples obtained by the bootstrap allowed replacement and all of them
have the same size as the original sample. The following hypothesis test is per-
formed to determine if the estimated parameters are significant or not:

Hy=0<0 vs Hi=0>0
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And the p-value for the parameter O
1000 /5
p—valueg = (3,=; 1(0;x = 0))/1000

Table 21. Results of the In-Sample estimation using Bootstrap

Carry Sign  Interest Rate Diff  Momentum  Reversal  Value

Optimisation including transaction costs for a model with only one characteristic

Estimated parameter mean 2.583 2.369 1.953 0.288 0.210
P-value 0.011 0.089 0.233 0.865 0.887

Optimisation including transaction costs in the model with five characteristics
Estimated parameter mean 1.167 1.080 1.455 0.675 0.415
P-value 0.032 0.073 0.035 0.160 0.207

Optimisation without transaction costs in the model with five characteristies
Estimated parameter mean 1.428 0.930 1.255 0.607 0.429

P-value 0.013 0.100 0.048 0.192 0.309

Table 22. Parameters’ covariance matrix

Siegn  Int. Rate Diff.  Momentum  Reversal Value

Sign 0446306 -0.323113836 -0.20038  0.00763  -0.05295

Int. Rate Diff.  -0.32311 0.458269426 -0.08134  0.07014  -0.03342
Momentum  -0.20938 -0.081342166 0.52466  -0.11196  0.103333
Reversal — 0.00763 0.070139965 -0.11196  0.419248  -0.00944
Value  -0.05295 -0.033417251 0.103333  -0.00944  0.338085

Table 23. Standard errors

Sign Int. Rate Diff Momentum  Reversal Value

Standard errors  0.668062 0.676956 0.724334  0.647493  0.581451

Source: own elaboration.
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The estimated parameters for each sample are used to calculate their means,
their standard errors, and their p-values. The results obtained after the boots-
trap sampling and after the estimation of the parameters suggest that the mo-
mentum, reversal, and value do not characterize well the future returns of the
portfolio. This is consistent with the performance and the statistics obtained
for each of the portfolios, as these strategies tend to perform better than the
carry trade only in stressed periods and this factor makes them valuable when
they are combined with the other strategies. When the optimization is perfor-
med taking into account the five characteristics with or without considering the
transaction cost inside the utility function, the significance for the momentum,
reversal, value increases, and the sign and interest rate differential it decreases
slightly in comparison with the high significance obtained with the model which
uses only one characteristic. This is due to the sign and the interest rate diffe-
rential providing similar information. (Rafferty, 2012) reported that when the
strategies of Carry Trade, Momentum, and Value are combined, the asset alloca-
tion efficiency increases. This observation, along with the result of the in-sample
estimation, suggests that the combination obtained using this parametric ap-
proach can outperform other portfolios such as the 1/N portfolio invested in five
currency strategies or the HML carry trade alone.

For the out of sample period (OOS), the parameters 6 were estimated for
each month using an expanding window which is updated in order to take into
account the new available information.

Figure 13.

Estimated Parameters for the Optimal Portfolio
(Estimated for each month)
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The optimal parameters change through time but in general the changes from
one month to another are relatively small. In the case of the implied interest
rate differential and sign strategy, the estimated parameters present an inverse
relation which might be explained by the increase in the number of emerging
currencies available for investments since 2000. From this year onwards, the
interest rate differential has provided more information than just the sign, its
magnitude has become more relevant. This is reflected in the currencies with the
highest rate differentials outperforming other currencies with lower interest rate
differentials even when the currencies have the same sign for the carry trade.
The Brazilian Real is a good example as it has had high interest rates for a long
time.

The returns obtained for the OOS period considering transaction cost and
allowing the inheritance of positions clearly show more profits than losses, parti-
cularly for the period between April 2000 and December 2006. During the crisis
in 2008 the portfolio presented the biggest losses and after that year the returns
presented a greater number of fluctuations between the profits and losses, which
may be explained by the volatile episodes in the markets observed in the last
5 years. These episodes have not been anticipated by the used characteristics
of the currencies, which might suggest that a new characteristic is required to
explain them. This new characteristic might be a global volatility index.

The table 24 presents the statistics of the returns obtained for the OOS
period for the portfolios that were optimized with the objective function that
include the transaction cost. In the first column is the portfolio that allows
the inheritance of the position. The second shows the portfolio in which it is
assumed that the positions are closed at the end of each period. Finally, the
third column presents the results for the optimized portfolio which does not
consider the transaction cost inside the objective function.

Table 24. Parametric portfolios comparison

Statistics With TC and with inheritance  With TC ~ Without TC

Mean (annualised) 21.8G88 20.2117 24,4344
t-statistic 9.573247  8.8819011 10.29383

Median (annualised) 20.27 18.924 23.202
Std.Dev. (annualised) 9.2792 0.2435 9.642
Skewness 0.642854  0.580089 0.686323

Kurtosis 7.142023  6.913813 6.975504

Hit Ratio 0.792020  (.782828 0.80303

Sharpe Ratio (annualised) 235677 2.186575 2534167
Auto Correlation AC(1) 0.5102 0.508 0.546312

Ljung-Box test p-value 0.00 0.00 0.00
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Figure 14.
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The impact of the transaction costs in the performance of the portfolio is
observable in the plot as well as in the table. These costs reduce significantly
the potential profits in the long run and also affect the estimations of the per-
formance indicator such as the Sharpe ratio; for this reason the calculation is
made taking into consideration the possibility to inherit the positions from one
period to the next trying to replicate the behavior of an investor that tries to
reduce their transaction cost in each rebalance date.

With respect to the restriction imposed in the leverage, it had a good perfor-
mance preventing the portfolio from taking aggressive positions. The leverage
of the portfolios OOS fluctuated between 40 % and 130 % which helps to reduce
the crash risk of the portfolio. Additionally, the distribution of the returns of
this portfolio has a positive skew and a high kurtosis, which is explained by the
presence of positive returns above 10 % for one month.

Another advantage of the portfolio is that it prevents taking a short position
and a long position in the same currency at the same time. This might happen
when an asset manager takes a position in different currency strategies. In the
next few plots we compare the performance of the portfolio with the performance
of the 1/N strategy that takes position in five currency strategies, with the HML
carry trade, and with the DBCR+10 Deutsche Bank index.
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Figure 15.

Portfolio performance
Index (Oct 97=100)

Equally weighted in five strategies
Deutsche Bank DBCR+ index
~———— Optimal portfolio (theta estimated per month)

ke --—-"‘"4 S

100 ==

Oct97 Aug9® May01 Feb03 NovO4 Jul06 Mar08 Dec09 Octil Jul13
Note: This plot is in logarithmic scale

Figure 16.

Optimal Portfolio performance against the Carry Trade
Index (Dec 1996=100)
10,000 T T T T T T T T T T
—— With costs and g in the b
HML Carry Trade

i 1,000 /

1001
Dec9 Aug98 Apr00 DecO1 Aug03 Apr05 Dec06 Aug08 Apr10 Dec11 Jun13
Note: The plot is in logarithmic scale

Figure 17.

Portfoli vith different

in the computation of the parameters
Index (Dec 1996=100)

——— Caiculating Theta monthly
Calculating Theta every 6 months

,J‘/l
IM/’/‘ L L L L L L L L g
Dec®6 Aug 98 Apr0O0 DecO1 Aug03 Apr05 Dec06 Aug08 Apr10 Dec 11 Jun13
Note: The plot is in logarithmic scale

Source: own elaboration.

241



242 Nueva Epoca REMEF (The Mexican Journal of Economics and Finance)

The optimal portfolio has a much better performance than the 1/N portfolio
and the Deutsche Bank index, which a similar behavior as both has diversified
in analogous strategies. Even though the HML carry trade is the individual stra-
tegy with the best performance, the information contained in the characteristic
produced a more profitable portfolio with less exposure to a crash risk as the
estimated parameters 6 incorporate the information from the moment, reversal,
and value signals. This performance confirms the results presented by (Rafferty,
2012).

Finally, the performances of two optimal parametric portfolios were compa-
red, the first one has the policy of re-estimating the parameters 6 each month
and the other every 6 months.

The graph suggests that the portfolio for which the parameters 0 were esti-
mated every month incorporate in their estimation the new information available
in the market and takes advantage of this, particularly for emergent currencies.
This might explain why it has a better performance, as the difference between
the two portfolios increases after the inclusion of more emergent currencies in
the year 2000.

7. Conclusion

The paper formalizes and analyzes statistically four foreign exchange strategies
based on the concept of carry trade, momentum, and mean reversion property.
We propose a methodology to calculate the returns considering the transaction
cost and allowing the inheritance of the position for the previous strategies. This
method has less assumptions and incorporates the behavior of the managers who
try to use their previous positions to reduce their transaction costs, which have
a significant impact in the long run. Among the foreign exchange strategies, the
carry trade investments (table XX) computed as in (Menkhoff, 2011), which
take advantage of the interest rate differential, appear to be the most profitable
against the other strategies and also contain valuable information that can be
used to predict the future returns. The sign strategy that is also based on the
interest rate differential show a good returns, in order of profitability the re-
versal and the momentum present in average profits only the value strategy in
average has losses but this strategy has low correlation or even negative correla-
tion against the other strategies that increase the diversification in risk events as
this strategy tend to have a good behavior in high volatility periods. A relevant
point is that the strategies returns are leptokurtic which increase the risk of big
losses however a combination of this strategy that include relevant information
about the future behavior of the currency decreases the risk of potential loses
as the correlation among the strategies is relatively low.
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Table 25. Strategies comparison

Developed and emerging Currencies
January 1988 - June 2013

Sing Carry Trade
(using two portfolios ar Momentum Reversal . Average of five
(as in Menkhoff & Value .
and the whole set of (3 Months) (5years) strategies
. Sama)
currencies)
Mean 5.76% 11.48% 3.11% 4.00% -3.92% 4.09%
Median 7.82% 13.155 291% 4.86% -4.48% 4.85%
Standard Deviation 5.80% 9.90% 11.80% 8.10% 10.30% 9.10%
Skewness -0.597 -0.618 0.584 -0.139 -0.282 -0.21
Kurtosis 4.000 4.563 5.013 3.796 5.234 4.520
Hit Ratio 67.10% 69.10% 53.40% 56.90% 43.00% 57.90%
Information Ratio 1.002 1165 0.264 0.496 -0.382 0.509
Correlation Matrix
Sing Carry | Momentum ‘ Reversal Value
Sing 1 0.85 -0.15 0.13 0.08
Carry 0.85 1 -0.16 0.24 0.14
Momentum -0.15 -0.16 1 0.12 -043
Reversal 013 024 012 1 -0.03
Vahe 0.08 0.14 -0.43 -0.03 1

In order to take advantage of the information contained in these strategies
and use it to construct an optimal portfolio, we develop five signals that deter-
mine the pay-off of each strategy. These signals become the characteristics of
the currencies which are used in the implementation of a version of the parame-
tric optimization proposed by (Barroso and Santa-Clara, 2012) and (Brandt et
al., 2009) to find a currency portfolio that takes advantage of the information
contained in the characteristics of each currency. The adaptation of the model
by the introduction of the leverage constraint produces portfolios that are more
suitable to implement than the portfolios obtained without the restriction. This
constraint also increases the efficiency of the sub-gradient and genetic algorithm
routines applied to find the maximum.

The model also decreases the risk of in-sample over-fitting since the coeffi-
cients will only deviate from zero if the combination of them offers an increase
in the expected utility. The portfolios constructed using this method, including
a constraint in the amount of leverage and taking into account the transaction
cost outperform the benefits generated by the carry trade strategy or the SP500.

At least two questions remain to be investigated; the first one is to determine
the optimal time for which the parameters theta should be re-estimated and if
the causes of different performance is a phenomenon observed only for portfo-
lios that include emerging currencies. The second question is if there are other
signals such as the global volatility in the markets, which may contribute to the
improvement of the portfolio’s performance, in particular for the last five years
of the OOS sample in which there are more negative returns than in previous
periods.

Finally, the performance observed in the portfolios constructed using the pa-
rametric method suggests that it could offer profitable investment opportunities
that have not been used by the market participants with the exception of quant
managers, who only represent a small proportion of the market participants.



244 Nueva Epoca REMEF (The Mexican Journal of Economics and Finance)

8. Appendix

ARMA Model per Currency Table

Based on the Akaike criterion the model that best fit the log-returns time series
for each currency is presented, in the case of the white spaces implied that the
time series is close to white noise.

Table: ARMA Modekd

Cumrency Made! Sigma2 Dichemy -Fuller test p-wvalue
GBP arl ar2 mal a2 intercept Q9% Lom
CHF 012% Lome
Y arl ar2 mal a2 miald miad 010% Lom
CAD arl ar2 ard ard mial mia? 0045 Lom
AUD arl ard ary mal al1% Lome
NZD mal 012% Loos
SEK 011% Loos
NOK arl a2 mal 0.10% Loos
CKK 0.10% Loos
EUR 0% Loos
DM 012% Loos
m 011% Loos
FRF 0.10% Loos
NLG mal 011% Loos
BEF mal 0.08% 5.00%
Fik 0.08% B.00%
IEP arl ar2 ard mal ma2 5% LT
HED 0.00% Loos
ZAR arl ar2 mal intencept 020% LT
G0 mal 003% Loos
ATS 0.08% 5.78%
LK miencept 0.14% Loos
GRD 0.10% A21%
HUF arl 0.18% Loos
INR arl a2 mal mal QA% Loos
IDR arl a2 ard 057% Loos
KwD arl a2 mal mal 001% Loos
WIYR 013% Loos
MIXN mal mal drift 0% Loos
PHP 007 Loos
PIN mal 0.16% Loos
PTE mal 007 A.55%
SAR 0.00% Loos
KR mal 013% Lo
EsP mal 0.08% A.47%
TWD arl mal 003% Loos
THE 0.10% Loos
BRL arl mal mal mal drift 0.18% Loos
EGP mal 001% Loos
RUB mal miencept 0.10% Loos
SKK 011% Loos
HRK 0.10% Loos
P QA% 20.24%
s mal 007 LI
K 022% Loos
=M 0i05% 26,375
BGN arl 0.10% Loos
UAH 0% Loos
TRY arl mal 019% Loos
P 0.14% Loos
coP 0.15% Loos

PEN arl mal mal 2% 21.55%
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