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Abstract

The present research examines the issue of how the minimum wage and informal employment impact differences in income earnings. To this end, a Censorship
Model is proposed that uses data codified for a subset of the population. Calculations for this model were performed using two econometric methods: Ordinary
Least Squares (OLS) and the Generalized Method of Moments (GMM). In both cases, microdata from the National Occupation and Employment Survey where
used for each federal entity, covering the period of 2005-2014. The results demonstrate that the minimum wage widens the gap in income earnings, while the
informal sector has a reducing effect on differences in income earnings.

Keywords: minimum wage; informal employment; income inequality; data panel.

INTRODUCTION

There has been increasing concern during recent years regarding recuperating the real value of the minimum wage. The subject is under constant debate in
academic circles, while in public policy spaces it is understood as a mechanism with which to increase workers’ incomes, particu-larly of the lowest earners in
society. It is hoped that fairer income distribution will reduce the growing inequality among the population.

Recent statistics from the ILO’s Global Wage Report (2017) show that, on average, the real wage growth has fallen significantly in global terms. Specifically, the
aforementioned report indicates that real wage fell by 1.3% in Latin America and the Caribbean during the period 2005-2015, with Mexico experiencing the
sharpest fall (-12%) followed by El Salvador (-11%) and Honduras (-6%), far off from countries like Chile and Brazil who experienced a 36% in-crease in the value
of real wages. Although it is known that a country’s average wage does not explain the behavior of income distribution between different groups of wage earners,
there is sufficient empirical evi-dence to demonstrate that wage inequality has increased in the majority of countries across the world.

Studies such as Maloney (1999), Addison and Blackburn (1999), Lin and Yun (2016), and Neumark et al. (2005) concur that income inequality could, to a certain
extent, be a product of the individual worker’s profile (for example, level of education, age, or company seniority). Understood in this way, a worker’s profile could
be the variable which accounts for variation in income across all deciles. However, there is a range of factors that could also ac-count for variation in income levels,
such as gender, company size, and structure of the labor market (formal or informal).

Nevertheless, there are ongoing academic and political debates regarding the value of real wages and labor demand. Lin and Yun (2016) and Campos-Vázquez et
al. (2018a) argue that rising minimum wages reduce employment opportunities for low-wage work-ers and bolster informal employment. This paper analyzes the
impact of the minimum wage and informal employment on differences in income earnings. One of the primary challenges of iden-tifying and understanding
employment in the informal labor market is the lack of a consensus on how to define and measure informal employment activity.

Recent literature on the subject indicates that the informal sector is, perhaps, a long-term characteristic of emerging and developing countries, particularly in Africa
and Latin Amer-ica (see Charmes, 2000). Informal employment constitutes a large part of the labor force in these countries. It is therefore crucial to understand
how informal employment functions, as this concept is crucial to understanding labor markets and income distribution. One of the principal difficulties faced,
perhaps, is the highly heterogenous nature of the informal sector, a character-istic which makes it difficult to describe how it functions and the role it plays in the
economy. According to the conventional view set out by Fields (1975) and Dickens and Lang (1985), wage earners take on informal employment to escape
unemployment or, rather, they are re-moved from the formal sector as the result of the way the labor market is regulated.

Some studies have, however, begun to question this approach, arguing that a significant number of informal workers decide to enter the informal sector voluntarily
depending on their preferences, skill-set, and prospective earnings (see Maloney, 1999). Recent labor market mod-els have suggested there is a coexistence of
workers who entered the informal sector voluntarily and those who cannot access the high salaries of the formal sector and have no other option but to enter the
informal labor market (see Funkhouser, 1998; Blunch et al., 2001, and Fields, 2005). Carneiro and Henley (2001) show that differences in income can be explained
by the non-observable characteristics of workers who choose to enter each respective sector. Wu and Li (2006) demonstrate that nearly 90% of observed
differences in monthly income between formal and informal workers can be explained by observable characteristics.

According to data from the National Occupation and Employment Survey (ENOE) conducted by INEGI during the period 2005-2014, 53.8% of Mexico’s population
are em-ployed by the formal sector. Studies on Mexico, such as Samaniego (2006), show that the size of the informal sector is an underlying factor which can
explain factors such as income inequality, poverty, and inefficiency of the labor market. Additionally, the size of the informal sector could function as release valve
for people whose income falls or who become unemployed. Income decreased across all deciles in 2009 due to the global financial crisis. In the same year, the
size of the informal sector increased. This seems to suggest that the informal sector could reduce in-come inequality.

This paper works from the hypothesis that the minimum wage will have a negative effect on differences in income earnings, with informal employment having a
reducing effect on differ-ences in income earnings. To investigate the two propositions described above, this paper uses the Censoring Model proposed by Autor et
al. (2016). The primary purpose of this model is to examine the first of the aforementioned relations. However, as shown in the study by Bosch and Manacorda
(2010), there are other factors -such as the effect of international trade, macroeconomic factors, and the impact of exchange rates- which can help to explain dif-
ferences in income earnings. This paper seeks, therefore, to engage more deeply with possible explanations for differences in income earnings in Mexico,
incorporating the size of the informal sector as a variable.

It should be pointed out here that the present paper conducts a macroeconomic analysis of a sample of 32 federal entities for the period 2005-2014. This analysis
is intended to contrib-ute to the debate surrounding the relevance of the value of real wages to income inequality in Mexico, and to verify the positive relation found
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by Bosch and Manacorda (2010), assuming this relation is found to persist over time. Due to questions of income variability across differ-ent deciles, the database
of urban municipalities was substituted for a sample of 32 federal enti-ties, resulting in a more heterogenous database.

There are several other significant differences between Bosch and Manacorda’s (2010) study and the present one; while their study estimates the model using the
instrumental variables model, the present one estimates the panel model using Ordinary Least Squares (OLS) with fixed effects in the first instance, and in the
second instance uses the Generalized Method of Moments as a robustness test.

The paper is structured as follows: section two reviews the existing literature and debate surrounding the minimum wage and its impact on differences in income,
as well as reviewing the literature related to informal employment; section three describes the model used in this re-search; section four is a discussion of the data;
and finally, in sections five and six the main re-sults and conclusions are represented, respectively.

 
 

2. LITERATURE REVIEW

There is a wide range of literature on the minimum wage and its relationship with income inequality. Addison and Blackburn (1999) analyze the effect of minimum
wages on poverty lev-els in Mexico by using a panel model with data by federal entity. They find that the minimum wage has a significant reducing effect on both
poverty and on high school dropout rates.

Neumark et al. (2005) use a non-parametric method to estimate the effect of the minimum wage on income inequality in the U.S. The findings show that the
minimum wage could increase inequality for those at the low end of the income distribution scale. On the other hand, studies focused on Mexico such as Bosch
and Manacorda (2010) and Duval-Hernández et al. (2016), conclude that the minimum wage can explain a large por-tion of income inequality. Both authors find
that, in the lower levels of income distribution, the majority of income inequality can be attributed to the rapid fall in the real value of minimum wages. They also find
that changes in the panel are convergent and that this convergence is more a product of changes in the labor market that changes in worker profiles (education,
age, and gender).

Moreno-Brid et al. (2014) focus on the effects of increases in the minimum wage on the labor market, highlighting that the minimum wage in Mexico has declined
sharply in various decades due to inflation, and that it is necessary to uncouple it as a reference for transactions outside of the occupational sphere. Campos-
Vázquez et al. (2018b) propose new methodologies to calculate the income of these in the highest ranges of the income distribution scale. The authors employ
data obtained from household surveys going back to 1992 to estimate income of those in the highest decile of income distribution in Mexico. In do-ing so, they
correct the misrepresentation of high-earning individuals which results from using data obtained from national surveys. The income of high earners is estimated
using interpola-tions of the Pareto distribution, with findings demonstrating that 25% of income goes to the top 1% of earners.

In another recent study, Campos-Vázquez et al. (2018a) investigate the relationship between increases in the minimum wage and employment in Mexico,
comparing the minimum wage in two of the country’s regions at the end of 2012. The findings indicate that, on average, the probability of being in informal
employment fell in areas where the minimum wage increased. Bouchot (2018), meanwhile, empirically evaluates the implications of increases in the minimum wage
on income distribution, employment, and informal employment, using the par-tial harmonization of regional minimum wages in 2012 as a natural experiment.
Applying the Estimation of Differences in Difference Method, the findings suggest that there is no evidence of an adverse effect on employment. Instead, the study
finds that there were positive effects on real hourly wages and work and employment in the formal sector.

There is only a limited literature on differences in income and their relationship to both formal and informal employment. Studies such as Tansel and Kan (2016)
suggest that the in-formal sector serves as an escape valve after increases in the minimum wage and unemployment in the formal sector. However, workers in the
informal sector will always be disadvantaged by the precarious conditions they face and, additionally, the authors also find heightened gender discrimination in the
informal sector. These findings concur with the traditional theory that workers in the formal sector receive higher wages than those in the informal sector, who
experi-ence a greater extent of job insecurity.

From a more general perspective, there are several studies which focus on differences in income in other countries. Bargain and Kwenda (2010), for example,
focus on Brazil, Mexico, and South Africa. The findings from this study confirm that workers in the informal sector receive lower wages principally as a result of their
low profile and skillset. Similarly, Staneva and Ar-absheibani (2014), using Tadzhikistan as a case study, find that observable income differences are attributable to
the low profile and skillset of workers in the informal sector. Rand and Torm’s (2012) study focusing on the informal sector in Vietnam confirms the existence of a
wage gap between the formal and informal sectors, and that wages in the formal sector are on average 10 to 20% higher than those in the informal sector.

In a separate study focused on China, Zuo (2013) also examines differences in income between formal and informal workers in urban areas in China. The findings
reveal that only 33% of the wage differential observed can be accounted for by worker profile, with the remain-ing 67% being attributed to the effect of
segmentation.

 
 

3. IDENTIFICATION AND SPECIFICATION OF MODEL

This paper’s analysis of the effect of minimum wages on income gaps follows on from the studies by Lee (1999) and Autor et al. (2016). Lee (1999) examines the
relation-ship between variations in the impact of the minimum wage and wage distribution, identifying the average growth in inequality as being related to the
minimum wage and establishing that the theoretical relationship of these variables could be described as truncation, censoring, or spillo-ver.

The Censoring Model was employed to analyze the interaction between the minimum wage and income distribution. The main characteristic of this model is its
flexibility to factor in latent variables (variables which are not directly observable). That is to say, the model is based on a latent variable, but one of which it is
possible to have censored information. The model also supposes a  indicator via which the censoring process is de-scribed, with  being a uncensored
observation and  and the censoring equation represented as:

Where  is the censored version of  and  represents the censoring value, the probability of censoring is denoted as  and it is assumed that



Conversely, the  censoring process may be fairly general, and for that reason a censoring process of only one value for each limit is proposed. For example, an
upper limit censoring process involves observing  only when it is less than the  limit. This is expressed as follows:

 is the limit of the censoring value. Once the equation which represents the Censoring Model has been established, the next step is to establish the rela-tionship
between the minimum wage and income distribution. This relation is calculated using the difference between the objective percentile  and the percentage used

as a centrality measure , which is expressed as follows:

 is the q_th percentile of the logarithmic income distribution in the state (m) and time (t). Differences in in-come earnings can be thought of as a measure of
inequality which factors in the difference be-tween the objective percentile and a centrality measure. High values in this variable indicate higher levels of inequality,
while low values indicate low levels of inequality. Supposing that a sufficiently high p percentile exists, wages which are equal to or higher than this percentile will
not be affected by the minimum wage. Therefore,  is the p_th percentile which serves as a centrality measure in the state (m) and time (t). On the other hand,
the take-home minimum wage (WO) is defined as the difference between the minimum wage and a centrality measure, so as to allow the effect of the minimum
wage variable on differ-ences in income to be measured. This is expressed as follows:

 is the nominal minimum wage logarithm in the state (m) and time (t). Once the variables have been defined, the Censoring Model can be reconsidered.
This model is based on the assumption that all workers who receive a latent wage below the minimum wage obtain the minimum wage and workers earning wages
higher than this are unaffected. The Censoring Model implies that the income differential of the logarithms q to p can be expressed as follows:

 is the latent difference in earnings,  is the q_th and  is the p_th latent percentile of the state (m) over time (t). Therefore, the observed income
differential is equal to latent income is  is higher than or equal to 

On the other hand, if  is lower than , then the observed income differential is equal to the take-home minimum wage. Under such circumstances, the

value of the centrality measure p is fixed. Lee (1999) and Autor et al. (2016) find a level of 50, meaning that the 50th percentile is the centrality measure in the case

of the U.S. The decision to use the 70th percentile as a centrality measure is informed by the hypothesis that there are spillover effects. According to Bosch and
Mancorda (2010), it could be reasonably assumed that this centrality measure applies to Mexico, given that there is evidence of minimum wage overflows above

the 50th percentile. Once the centrality measure has been determined, the difference in income earnings can be determined as follows:

Additionally, the equation for the take-home minimum wage which factors in the centrality measure is as follows:

On the other hand, making the estimate requires the model to be parametrized. To do so, wage dispersion must be expressed as a function of latent wage
dispersion plus the effect of the minimum wage.

The effect of wages can be expressed as a quadratic function of the real minimum wage, as follows:

Finally, latent wage dispersion is expressed as follows:

A  are specific characteristics of each state and  is an additional vector for specific covariables for each state and  is the error term. A new regression
model can be obtained from the above calculations. The new regression model is related to the Censoring Model and can be expressed as follows:



 is the error term. Equation (12) is an alternative simple parametric to the Censoring Model in equation (11), as well as being the basis of our empirical analysis.
It is worth pointing out that  includes the control variables: number of hours worked (HW), percentage of wage earners (TA), and the percentage of informality
(TIL2). The HW variable is expected to be a negative sign, as workers can increase the number of hours worked to earn higher wages, thereby reducing
differences in income. The TA variable measures the percentage of waged workers. Finally, TIL2 is the variable used to measure the impact of the informal sector
on income distribution, which is expected to increase differences in income.

To estimate equation (12), the income percentiles for each of the 32 federal entities which make up the Republic of Mexico were calculated, using data from the
fourth quarter of each year of the 2000-2014 period. In an overall sample of 390, 828 individuals per quarter, the individuals who reported having received income
were selected, reducing the sample to 118,400 with an average sample of 3,700 per federal entity.

Although no a priori restrictions were placed on the values of the parame-ters, the model ascertains that, at least in the range of variation defined by WO, the
observed differential in income earnings tends toward WO as WO increases, and tends towards a  as WO dimin-ishes. This is consistent with the
censoring model in equation (11).

One of the advantages of using equation (12) is that it allows for the detection of asymmetries in the minimum wage among the highest distribution percentiles.
Panel data was used for the econometric analysis, with equation (12) being estimated using OLS with fixed effects (see Table 2).

One of the main challenges to estimating equation (12) is the possibility of spurious pos-itive correlations between the observed income differential and the

minimum take-home wage. This problem is produced by sampling errors and the fact that the 70th percentile is present in both sides of the equation. Autor et al.
(2016) refer to this situation as the “division bias problem.” There is a possibility that, when estimating the model with OLS and fixed effects, there is no relation
between these two measures or that the relationship, while statistically significant, is small. This type of interaction could be due to biases in the data. The source of
the bias must be taken into account when testing to the model’s robustness, so as to avoid obtaining unreliable findings. A possible solution to this problem is to
estimate equation (13) using GMM. A necessary condition for applying the GMM method is that differences in income earnings are calculated using the logarithm,
as done by Kambayashi et al. (2013). In this case, the equation to be estimated is as follows:

The decision to use GMM to make this estimate is justifiable as GMM is more efficient and flexible due to the fact that more data can be obtained by using control
variables and lagged variables to make estimations. Another strength of the GMM technique is that it allows more exhaustive tests to be conducted, especially for

the 80th and 90th percentiles where the minimum wage is not expected to have any impact. The outcomes of this estimate can be seen in Table 3.

 
 

4. DESCRIPTIVE ANALYSIS OF THE STATISTICAL INFOR-MATION

Micro-data from ENOE covering the period 2005-2014 was used to analyze the interac-tion between the minimum wage and income differences in Mexico. ENOE
is the consolidation and fusion of the National Urban Employment Survey (ENEU) and the National Employment Survey (ENE) that, for more than 20 years, has
provided data on the working and out-of-work population, similar to the Current Population Survey conducted by the U.S. government.

Similarly, statistical information from ENOE was used to calculate the relation between informal employment and differences in income, as ENOE is the official
labor market survey and contains data going back to the end of the 1980s. The sample units are federal entities, which allows data to be structured as a panel
composed of 32 data blocs related to Mexico.

Table 1 contains a brief statistical description of the data related to the model’s independ-ent variables obtained from ENOE. One feature that stands out in the data
shown in Table 1 is that wage efficiency levels always display a negative sign.

 

 

Table 1 presents income distribution as percentages. It can be seen that, in the highest distribution percentile rank, the highest-earning 0.1% of the population
receive a remuneration of $60,547.2 MXN with the average income of the highest 1% of wage earners being $24, 423.7. On the other hand, the average minimum

monthly income for the period 2005-2014 is $1, 648.3, while the average income of the 10th percentile is $1,379.8 MXN. This means that the average income of the

10th percentile is lower than the aver-age minimum wage by $268.58 MXN. The variability in income distribution across the different deciles can be seen in figure 1.



Figure 2 shows that, although there is little variation in real wages during the study period, there is a more visible variation in income between deciles. The figure

shows an income growth rate across the 10th to the 90th percentiles during 2006-2014. In 2009 all percentiles demonstrated a negative growth rate followed by a

moderate recovery in 2010. The 10th percentile was most highly affected, experiencing a growth rate of -6.3%. In 2011, the 10th and 20th percentiles recorded a

growth-rate of -3.65 and -0.74%, respectively. Finally, the 10th percentile expe-rienced its highest growth rate in 2012, reaching 8.48%. The second highest growth
rate oc-curred in 2006 and was recorded at 7.41%.

 

Figure 1. Average income by percentile, 2005-2014
  

 

Source: compiled by the authors using data obtained from INEGI-ENOE (2018).

 

Figure 2. Income growth rate by percentile 
  

 

Source: compiled by the authors using data obtained from ENOE

 

Figures 3, 4, and 5 show the variation of growth in income differences, the variation in the efficiency wage growth rate, and variation in the informal employment
growth rate. In figure 3, a fall in the growth rate of income differences can be observed in 2008, 2009, and 2010. Sim-ilarly, as can be seen in figure 4, this fall
coincides with negative growth rates in wages. Inverse-ly, the same period saw a growth in informal employment, as can be seen in figure 5. This sug-gests that
informal employment could reduce income differences by serving as an alternative to the low wages in the formal sector.

 

Figure 3. Panel on the growth rate of differences in income, 2006-2014 
  



 

Source: compiled by the authors using data obtained from ENOE.

 

Figure 4. Panel on the growth rate of the efficiency wage, 2006-2014 
  

 

Source: compiled by the authors using data obtained from ENOE

 

Figure 5. Panel on the growth rate of informal employment, 2006-2014 
  

 

Source: compiled by the authors using data obtained from ENOE

 

5. FINDINGS



Table 2 displays the outcomes of the estimate made using OLS with fixed effects for the first four deciles. The findings from sample F suggest that, as a whole, all
parameters in the models are statistically significant (SS). The Durbin-Watson statistic does not find any evidence of autocorrelation between errors.

 

 

It is worth highlighting that each entry in Tables 2 and 3 relates to the coefficient for each variable of the regression between each difference in income regarding
the seventh decile, which acts as a pivot for state and year. The estimates are made using OLS with fixed effects using data obtained from ENOE.

 



 

The data contained in Tables 2 and 3 show that the efficiency wage variable has a posi-tive sign and is 1% SS across all income differences. Therefore, a 10%
increase in the WO variable results in increases of 3.9%, 5.3%, 3.8%, 4.5%, 4.5%, 3.3%, 2.7% and 3.4% for income differences 10-70, 20-70, 30-70, 40-70, 50-70,
60-70, 80-70 and 90-70, respectively.

Likewise, the quadratic term of the efficiency wage has a positive sign and is SS across all income differences, with the exception of the 10-70 difference. HW is
only significant for the first three income differences and has a positive sign, which was not expected. The TA variable is SS for differences 50-70, 60-70, 80-70 and
90-70, and presents a negative sign, which was not expected. The TIL2 variable is SS and exhibits a negative sign across all differences. A 10% increase in the
TIL2 variable results in a decrease of 0.09%, 0.06%, 0.05%, 0.03%, 0.02%, 0.02%, 0.02% and 0.03% for income differ-ences 10-70, 20-70, 30-70, 40-70, 50-70,
60-70, 80-70 and 90-70, respectively.

Findings show that the greatest impact of take-home wages is observed in the first three percentiles. A lesser positive effect can be observed in the remaining
percentiles. In other words, the findings suggest a positive relation between the minimum wage and differences in income earnings. However, division bias could be
interfering with these results, as touched upon by Au-tor et al. (2016). Therefore, a robustness test was conducted by making an estima-tion using GMM.

The outcomes of the econometric estimate conducted using GMM are shown in table 4. They show that the parameter coefficients are positive across all income
differences for the WO variable. This means that a 10% increase in wages results in a 2.4% increase in differences in income earnings in the 10-70 difference. The
highest value for the WO variable’s determination coefficient was 3.2, occurring in the 30-70 income difference. The lowest value in the determination coefficient for
the WO variable is 0.9%, occurring in the 90-70 difference. On the other hand, the WO variable is 1% SS across all income differences with the exception of 80-70
and 90-70. A decrease in the WO coefficients can be noted starting after the first three deciles. This was an ex-pected outcome, as it is assumed that the effect of

the minimum wage on income differences should disappear as we approach the 70 th decile.

 



 

The coefficients for the WO2 variable are not statistically significant, with the exception of the 90-70 difference. The HW variable is 5% SS in the 20-70 and 30-70
differences and 10% SS in the 40-70, 50-70, and 60-70 differences. All the aforemen-tioned differences have coefficients with a negative sign, which implies that an
increase in this variable would result in a reduction in differences in income earnings. A 10% increase in this variable in the 20-70 and 30-70 differences results in a
decrease of 0.09% and 0.05% in income differences, which are the highest values.

The percentage of wage earners is calculated using the TA variable, which is SS across all differences with the exception of the 80-70 difference. The TA variable is
10% SS for the 10-70 difference, and 1% SS for the 20-70, 30-70, 40-70, 50-70, and 60-70 differences. An increase of 10% in the TA variable for the 10-70
difference produces and increase of 0.04% in differences in income earnings.

A 10% increase in the TA variable results in an increase of 0.05%, 0.03%, 0.04%, 0.03%, and 0.01% in the 20-70, 30-70, 40-70, 50-70, and 60-70 differences,
respectively. The TA variable is 5% SS in the 90-70 difference and an increase of 10% in this varia-ble produces a 0.01% increase in income differences.

The TIL2 variable is SS across all differences and has a negative sign in all but the 60-70 difference. An increase in this variable results in a decrease in differences
in in-come earnings. The highest value is the 0.09% decrease in the 10-70 difference, while the lowest value is the 0.02 % in the 60-70 difference. Additionally, it
can be observed that the results from the J statistic serve to validate the instruments employed.

Each entry in tables 4 and 5 relates to the coefficient for each regression variable be-tween each income gap in regards to the seventh decile by state and year.
Estimates are made using GMM with data obtained from ENOE.

 



 

According to the proposed robustness tests, the determination coefficients for the 80-70 and 90-70 differences are close to zero, which validates the findings. The
second robustness test is the control variables with positive signs for the TA variable, an outcome which was expected, and a negative sign for the HW variable,
which was also expected, in accordance with the findings obtained in the estimation made using GMM.

Tables 4 and 5 show the correlation coefficients for WO decrease in rela-tion to the coefficients obtained from the same variable shown in Tables 2 and 3. This is
due to spurious positive correlation, a problem alluded to by Autor et al. (2016) and one that can be corrected by estimating the model using GMM. Table three
contains coefficients with lower values and, in the case of 80-70 and 90-70, the coefficients are not SS.

The findings from the GMM estimation validate the findings of the OLC with fixed effects estimation, namely the existence of a positive relationship between the
minimum wage and dif-ferences in income earnings. Additionally, this validates the evidence which suggests the exist-ence of a negative relationship between
informal employment and income differences in Mexi-co.

 
 

6. CONCLUSIONS

One of this paper’s main findings suggests that the minimum wage has a direct incremental effect on differences in income earnings. This finding was obtained
from the econometric esti-mate. In other words, it was found that an increase in take-home wages results in an increase in income inequality. The findings suggest
that the positive effect is stronger for the first three percentiles of the distribution. In other studies, focused on developing countries, primarily in Latin America, such
as Maloney and Nuñez (2000) and Neumark et al. (2006), it was found that the impact of the minimum wage is higher on the low end of distribution. On the other
hand, there was no evidence in favor of the hypothesized negative relation between the minimum wage and differences in income earnings. These findings concur
with the studies by Bosch and Manacorda (2010) and Autor (2016), which both find that the minimum wage increases differences in income, the former focusing on
Mexico with the latter focusing on the U.S.A. Lin and Yin’s (2016) study, meanwhile, finds that income differences decrease as the minimum wage rises in the case
of China. The authors used a Censoring Model to identify the effect of the minimum wage on differences in income. Additionally, the authors also made use of
income microdata obtained from ENOE to construct a database covering the state level. Two econometric estimates were carried out: the first using OLS with fixed
effects and the sec-ond used GMM as a robustness test, with the percentage of wage earners and the number of hours worked serving as control variables. In
regards to the percentage of wage earners, it was found that this variable increases income differentials across all differences and also has the pre-dicted sign. The
number of hours worked is an indicator of the quantity of work carried out and was found to be SS across all differences with the exceptions of 80-70 and 90-70.
This variable reduces income differences and also has the predicted sign.

On the other hand, the findings suggest that the size of the informal sector has a reduc-ing effect on differences in income earnings. That is to say, findings suggest
that income inequal-ity reduces as the size of the informal sector grows. This effect can be seen across all differences in income earnings. Findings substantiate
the hypothesis of a negative relation between informal employment and differences in income earnings. This contradicts the findings from the studies by Zuo
(2016), Xue et al. (2014) and Bologna (2016). The studies by Zuo (2016) and Xue et al. (2014) analyse the effect of the informal sector on income inequality on
China, finding that the informal sector can explain a large share of income inequality. Simi-larly, Bologna (2016) analyzes the effect of corruption and the informal
sector on income levels in Brazil, finding that the informal sector is linked with lower levels of income. It is worth not-ing that these findings are limited to the study
period and the sample considered in the estimate. In addition, future studies will be able to enrich the debate by considering institutional factors, as well as political
and economic ones, and their bearing on the impact of the minimum wage.

It was also found that the informal sector could have softened the adverse effects of the 2008 global financial crisis.

Following on from Gindling (2014), increasing minimum wages is inefficient in reducing income inequality. More efficient policies could be orientated around
ensuring legal minimum wages are adhered to and raising wages in the informal sector, where minimum wages do not increase workers’ productivity from low-



income households in the long-term. These areas could be explored in future studies.
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